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COMPARISON PRINCIPLE FOR STOCHASTIC HEAT
EQUATION ON R4

By LE CHEN AND JINGYU HUANG
University of Nevada, Las Vegas and University of Utah

We establish the strong comparison principle and strict positivity of so-
lutions to the following nonlinear stochastic heat equation on R4

ad 1A _ M
(5—5 )M(t,x)—p(u(tvx)) (t’x)’

for measure-valued initial data, where M is a spatially homogeneous Gaus-
sian noise that is white in time and p is Lipschitz continuous. These results
are obtained under the condition that fppa (1 + 1€15)*~1 f(dg) < oo for some

o € (0, 1], where f is the spectral measure of the noise. The weak compar-
ison principle and nonnegativity of solutions to the same equation are ob-
tained under Dalang’s condition, that is, &« = 0. As some intermediate results,
we obtain handy upper bounds for L” (2)-moments of u(¢, x) for all p > 2,
and also prove that « is a.s. Holder continuous with order o — ¢ in space and
a/2 — ¢ in time for any small & > 0.

1. Introduction. In this paper, we study the sample-path comparison princi-
ple, or simply comparison principle of the solutions to the following stochastic
heat equation (SHE) with rough initial conditions:

or 2
u(0, ) = pu().
In this equation, p is assumed to be a globally Lipschitz continuous function. The
linear case, _that is, p(u) = Au, is called the parabolic Anderson model (PAM) [3].

The noise M is a Gaussian noise that is white in time and homogeneously colored
in space. Informally,

E[M (1, x)M (s, y)] = 8o(t — ) f (x — y),

where &g is the Dirac delta measure with unit mass at zero and f is a “correla-
tion function” that is, a nonnegative and nonnegative definite function that is not
identically zero. The Fourier transform of f is denoted by f

f©=F 1@ = [ ew(=ie-x)f () dr.

wn (i —1A>u(t,x):,o(u(t,x))M(t,x) x eR% >0,
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In general, f is again a nonnegative and nonnegative definite measure, which is
usually called the spectral measure. The precise meaning of the “rough initial con-
ditions/data” are specified as follows. We first note that by the Jordan decomposi-
tion, any signed Borel measure i can be decomposed as = ;4 — u— where pt
are two nonnegative Borel measures with disjoint support. Denote || := pu4+p—.
The rough initial data refers to any signed Borel measure p such that

(1.2) /d e~ 4)(dx) < 400 foralla >0,
R

where |x| = ,/xf + .- +x€2, denotes the Euclidean norm. It is easy to see that

condition (1.2) is equivalent to the condition that the solution to the homogeneous
equation—Jy (¢, x) defined in (1.6) below—exists for all r > 0 and x € R4,

The comparison principle refers to the property that if two initial conditions
are ordered, then the corresponding solutions to the stochastic partial differential
equations are also ordered. For any Borel measure w on R?, “; > 0" has its ob-
vious meaning that u is a nonnegative measure and “u > 0” refers to the fact that
© > 0 and u is nonvanishing, that is, u 7 0. Let 1 and u; be two solutions starting
from two measures | and u,, respectively. We say that (1.1) satisfies the weak
comparison principle if ui(t,x) <us(t,x) a.s. forallt >0and x € R? whenever
w1 < up. Similarly, we say that (1.1) satisfies the strong comparison principle if
u(t,x) < us(t,x) for all r > 0 and x € RY a.s. whenever pu; < u2. Note that
when p(u) = \u, it is relatively easier to establish the weak comparison principle
since the solution can be approximated by its regularized version, which admits a
Feynman—Kac formula; see [15, 16, 18].

Most strong comparison principles are obtained through Mueller’s original
work [20], where he proved the case when d =1, M is the space-time white noise,
o(u) = |ul¥ (for all y < 1), and the initial data is a bounded function. In [23],
Shiga studied the same equation as that in [20] except that p is assumed to be
Lipschitz and there can be a drift term. By using concentration of measure argu-
ments for discrete directed polymers in Gaussian environments, Flores established
in [19] the strict positivity of solution to 1-d PAM with Dirac delta initial data.
Following arguments by Mueller and Shiga, Chen and Kim extended these results
in [7] to allow both fractional Laplace operators and rough initial data. Recently,
by using paracontrolled distributions, Gubinelli and Perkowski gave an intrinsic
proof of the strict positivity; see [14]. Their proof does not depend on the details
of noise, though they require the initial data to be a function that is strict positive
anywhere.

When d > 2, in order to study a random field solution, the noise has to be
colored in space, where “colored” means “correlated.” Equation (1.1) has been
much studied since the introduction by Dawson and Salehi [12] as a model for the
growth of a population in a random environment. In [10, 11], it is shown that if the
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initial condition is a bounded function, and under some integrability condition on
f, now called Dalang’s condition, that is,

_ £(dg)
Y(B) = 2m)™¢ >
(13) Rd B+ |&]
< 400 for some and hence for all g > 0,

there is a unique random field solution to equation (1.1). This equation has been
extensively studied; see, for example, [6, 13, 15, 18]. Recently, Chen and Kim
showed that Dalang’s condition (1.3) also guarantees an L2(£2)-continuous ran-
dom field solution starting from rough initial conditions; see [8]. To the best of our
knowledge, comparison principle in this setting is much less known, though peo-
ple believe that it is true. In [24], Tessitore and Zabczyk proved the strict positivity
for the case when f belongs to L” (R9) for some p ell,d/(d — 2)). Clearly,
this condition excludes the important Riesz kernel case, that is, f(x) = |x|_/3
with 8 € (0,2 A d). Indeed, we will show that under Dalang’s condition (1.3),
if p(0) =0, then the solution u(¢, x) starting from any nonnegative rough initial
data is a.s. nonnegative for any 7 > 0 and x € R¢. Moreover, if the nonnegative
rough initial data is nonvanishing and f satisfies

f(d

(1.4) / Li)] < 00 for some o € (0, 1],
R (1418]%) 7

then we are able to establish the strict positivity of u (¢, x) through the following

small-ball probability estimate:

P(u(t, x) < &) < Aexp(—A|loge|*(log|loge)' ™).

Similar small-ball probabilities in various settings can be found in [7, 9, 19, 21].
These nonnegativity statements can be translated into comparison statements by
considering v =u| — u».

Condition (1.4) is natural since in a recent paper [6], it is shown that Dalang’s
condition (1.3) alone cannot guarantee the existence of a continuous version of
the solution. There might be solutions that behave so badly that they may hit zero.
Whether this phenomenon does happen is still not clear to us and it is left for future
exploration. For the moment, we are content with this slightly stronger condition
(1.4). Indeed, if the initial condition is a bounded function, Sanz-Solé and Sarra
[22] showed that condition (1.4) guarantees that the solution is a.s. Holder contin-
uous with order & — ¢ in space and «/2 — ¢ in time for any small € > 0. In this
paper, we have extended this result for rough initial conditions. The space-time
white noise case is proved in [4].

In all these studies, the moment bounds/formulas play an important role. The
upper bounds for the second moments under Dalang’s condition (1.3) for rough
initial conditions is obtained in [8]. In this paper, we extend this bound to obtain
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similar upper bounds for all pth moments, p > 2. Using these moments upper
bounds, we establish the (weak) comparison principle. Note that similar moment
upper bounds have also been recently obtained by the second author [17]. By con-
trast, the major effort of [8] is to obtain some nontrivial lower bounds for the
second moments. Note when p(u#) = Au, the pth moment admits a Feynman—Kac
representation, which has been exploited to study the intermittency phenomenon
in [15, 16, 18].

In the rest of this Introduction, we will first give the precise definition of the
solution and recall the existence/uniqueness result in Section 1.1. The main re-
sults are stated in Section 1.2. Then we give an outline of the rest of the paper in
Section 1.3.

1.1. Definition and existence of a solution. Recall that a spatially homoge-
neous Gaussian noise that is white in time is an L?($2)-valued mean zero Gaussian
process on a complete probability space (€2, F, P)

[F(¥) ¢ € C°([0, 00) x RY)},
such that

EFGF@) = [ ds [[ w060 =y drdy.

Let B, (R?) be the collection of Borel measurable sets with finite Lebesgue mea-
sure. As in Dalang—Walsh theory [10, 25], one can extend F to a o-finite L2(2)-
valued martingale measure B +— F(B) defined for B € Bp(R; X R%), where
R4 :=1[0, 00). Then define

M,(B):=F([0,t]x B),  BeBy(RY).

Let (F;,t > 0) be the natural filtration generated by M.(-) and augmented by all
P-null sets A/ in F, that is,

Fri=0(Ms(A):0<s<t1,AeB,(R)) VN, 1>0.

Then for any adapted, jointly measurable (with respect to B((0, c0) x R x F)
random field {X (7, x) : t > 0, x € R¥} such that for all integers p > 2,

| as [, axarXGonx 0l rox—y <oc.

the stochastic integral

[ [, x6omas.an

is well defined in the sense of Dalang—Walsh. Here, we only require the joint-
measurability instead of predictability; see Proposition 2.2 in [8] for this case or
Proposition 3.1 in [5] for the space-time white noise case. Throughout this paper,
| - Il denotes the L”(£2)-norm.



COMPARISON PRINCIPLE FOR SHE ON R¢ 993
The solution to (1.1) is understood in the mild form

1
(1.5 u(t,x)=Jo(t,x) +/0 /I;{d G(t—s,x—y)p(u(s,y))M(ds,dy).

Here, Jyo(t, x) denotes the solution to the homogeneous equation

(1.6) Jo(t,x):=(uxG(t,))(x) = /Rd G(t,x —y)u(dy),
where
—d/2 |x|2
(1.7) G(t,x)=(2nt) exp<—7>.
Denote

1= [[ G = sx = ypluts ) Mds. dy).
[0,1]xR4
The above stochastic integral is understood in the sense of Walsh [10, 25].

DEFINITION 1.1. A process u = (u(t, x), (t,x) € (0, 00) x RY) is called a
random field solution to (1.1) if:

(1) u is adapted, that is, for all (¢, x) € (0, c0) x R?, u(t, x) is F;-measurable;

(2) u is jointly measurable with respect to B((0, 00) x R?Y) x F;

(3) 11(t, x)|l» < +oo for all (, x) € (0, 00) x R¥;

(4) I is L*(Q)-continuous, that is, the function (7,x) — I(z,x) mapping
(0, 00) x R? into L2() is continuous;

(5) u satisfies (1.5) a.s., for all (¢, x) € (0, c0) x R?.

Definition 1.1 does not require a random field solution to have a pathwise con-
tinuous version. The LQ(Q)—continuity in condition (4) is a much weaker condition
than the condition of having continuous sample path. Actually, one can construct
a discontinuous solution as in [6]. On the other hand, from Definition 1.1 one can
find sufficient conditions for both the admissible initial data and the admissible
correlation function f, which is the content of the following theorem.

THEOREM 1.2 (Theorem 2.4 in [8]). If the initial data | satisfies (1.2), then
under Dalang’s condition (1.3), SPDE (1.1) has a unique (in the sense of versions)
random field solution {u(t,x) : t > 0, x € R} starting from . This solution is
L?(2)-continuous.

The existence of the random field solution (except the LZ(Q)-continuity) has
also been obtained recently by the second author in [17]. Note that the L?(2)-
continuity that comes with Theorem 1.2 is too weak to be useful in this paper.
When we need the pathwise continuity, we will instead work under a stronger
condition—(1.4)—than Dalang’s condition (1.3).
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1.2. Statements of the main results. 'We will prove seven theorems as follows.

THEOREM 1.3 (Weak comparison principle). Assume that f satisfies Dalang’s
condition (1.3). Let u; and uy be two solutions to (1.1) with the initial measures
w1 and o that satisfy (1.2), respectively. If 1 < w2, then

(1.8) P(ui(r,x) <ua(t,x))=1  forallt >0andx € R?.
Moreover, if the paths of u(t, x) and uy(t, x) are a.s. continuous, then

(1.9) P(u(t, x) <ua(t,x) forallt > 0 and x e RY) = 1.

If p(0) =0, then u = 0 is the unique solution to (1.1) starting from pu = 0.
Hence, we have the following corollary.

COROLLARY 1.4 (Nonnegativity). Assume that f satisfies Dalang’s condi-
tion (1.3) and p(0) = 0. Let u be the solution to (1.1) with the initial measure |
that satisfies (1.2). If © > 0, then

(1.10) P(u(t,x) >0)=1  forallt >0and x € R%.
Moreover, if the path of u(t, x) are a.s. continuous, then

(1.11) IP’(u(t,x)iOforalltiOandxeRd)zl.

THEOREM 1.5 (Strong comparison principle). Assume that f satisfies (1.4)
for some a € (0, 1]. Let uy and us be two (continuous versions of the) solutions to
(1.1) with the initial data 1 and >, respectively. Then the fact 1 < (o implies

(1.12) P(u;(t, x) < ua(t, x) forall t > 0 and x € RY) = 1.

Note that by Theorem 1.8 below, under the assumptions of Theorem 1.5, the
solution to (1.1) has a continuous version.

THEOREM 1.6 (Strict positivity). Assume that [ satisfies (1.4) for some o €
(0, 1] and p(0) = 0. Let u be the solution to (1.1) with initial measure u > 0 that
satisfies (1.2). Then for any compact set K C (0, 00) x RY, there exists a finite
constant A > 0 which only depends on K such that for all ¢ > 0 small enough,

(1.13) P( inf u(t,x)<e) < Aexp(—Alloge|” (log|loge])' ™).
(t,x)eK

In order to establish the above results, we need to prove the following four
theorems, which are of interest by themselves. The first result is a general moment
bound. This provides us with a very handy tool in studying various properties of
the solution to (1.1). This result extends the previous work [8] from the two-point
correlation function to higher moments. Let Lip, > 0 be the Lipschitz constant
for p. See Section 2 for the proof.
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THEOREM 1.7 (Moment bounds). Under Dalang’s condition (1.3), if the ini-
tial data u is a signed measure that satisfies (1.2), then the solution u to (1.1) for
any givent > 0 and x € R? is in LP(Q), p > 2, and

(1.14) Ju, )|, <[5 +V2(ul* G, ) @HE v,

where ¢ = |p(0)|/Lip, and yp, = 32p Lipf) and H (t; y)) is defined in (2.4) below.
Moreover, if for some o € (0, 1] condition (1.4) is satisfied, then when p > 2 is
large enough, there exists some constant C > 0 such that

(1.15)  Ju@, 0], < C[S+ (lul * G(t, ))(x)]exp(C Lipy/* p'/*t).

The second result is about the sample-path regularity under (1.4) for rough ini-
tial data. This result is used to obtain a large deviation estimates in proving the
strong comparison principle. See Section 3 for its proof.

THEOREM 1.8 (Holder regularity). Suppose that u is any measure that sat-
isfies (1.2) and f satisfies (1.4) for some o € (0, 1]. Then the solution to (1.1)
starting from | has a version which is a.s. B1-Holder continuous in time and B>-
Hélder continuous in space on (0, 00) x R¢ for all

B1€©,a/2) and pr€(0,a).

The third theorem consists of two approximation results, which are used to es-
tablish the weak comparison principle. The first one says that we can approximate
a solution starting from rough initial data by solutions starting from smooth and
bounded initial conditions. This result allows us to pass from the weak compari-
son principle for L>(R¢)-valued initial data to that for rough initial data. In the
second approximation, we mollify the noise and establish an uniform L?(£2)-limit.
See Section 4 for the proof.

THEOREM 1.9 (Two approximations). Assume that f satisfies Dalang’s con-
dition (1.3).

(1) Suppose that the initial measure u satisfies (1.2). If u and u. are the solu-
tions to (1.1) starting from u and ((ure) * G(¢g, -))(x), respectively, where

(1.16) Ve (X) = Lqni<t/e) + (1 4+ 1/8 — [X)) L1 js<ix|<141/6)»
then

linol Ju(t, x) —ue(t,x)|, =0 forallt > 0and x € R,
e—0,4

(2) Let ¢ be any continuous, nonnegative and nonnegative definite function on
R? with compact support such that Jra @ (x)dx = 1. Let u be the solution to (1.1)
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starting from bounded initial data, that is, u(dx) = g(x)dx with g € L% (RY). If
g is the solution to the following mollified equation

(1.17) %ag(z,x) - %Aﬁg(t, x) + pliie (1, X)) M5 (1, x),

with the same initial condition u¢(0, -) = u as u, where
(1.18) Ms(ds,dx)=/d¢s(x—y)M(ds,dy)dX,
R

and ¢ (x) = 8_d¢(x/8), then
(1.19) lim sup ||u(t,x)—itg(t,x)H2=0 forallt > 0.

€=U+ xeRrd

REMARK 1.10. One can always find one example of such function ¢ in part
(2) of Theorem 1.9, for example, ¢ (x) = ]_[f-lzl(l — |xiD1{jx;|<1) Whose Fourier
transform is nonnegative: P(g) =24 ]_[?:1 .§j_2(1 —cos(§;)) > 0.

The last result shows that the solution u(z, x) to (1.1) converges to its initial
data pu weakly as + — 0. This result is used to establish the strong comparison
principle for measure-valued initial data given that for function-valued initial data.
See Section 5 for the proof. Let C, (R?) be the set of continuous functions with
compact support.

THEOREM 1.11. Under Dalang’s condition (1.3), if u is the solution to (1.1)
starting from a measure y that satisfies (1.2), then, for all ¢ € C.(R?),

(1.20) }EI})/IRdu(t,x)¢(x)dx :/RdQ')(x),u(dx) in Lz(Q).

Finally, let us give some more explanations on the reason that we need to work
under the stronger condition (1.4) instead of Dalang’s condition (1.3). Actually, as
one can see, Lemma 7.2 below will play a key role in the proof of the main result—
the strong comparison principle. This lemma tells us that for small time step, that
is, for large m, with high probability the solution in one time step will not change
too much. (Then one can argue using the Markov property that if the initial data
is positive somewhere, this property can be propagated to the whole space-time
plane.) Hence, this kind of result (Lemma 7.2) has to do with the regularity of the
solution. Indeed, the proof of Lemma 7.2, as one can see, consists of an optimiza-
tion of two competing terms, one from the moment growth rate (Theorem 1.7) and
the other from the Holder continuity (Theorem 1.8). Under (1.3), the dependence
on p in (1.14) is implicit, while under (1.4) it becomes explicit, and hence very
easy to handle. However, this is not the reason why we assume (1.4). As shown
in [6], under (1.3) alone one can construction a densely blow-up solution, that is,
for any small time step, the solution may have a drastic change. To avoid such
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undesirable behavior, one has to use a stronger condition than Dalang’s condition
(1.3). Condition (1.4) turns out to be both general enough (which can cover the
Riesz kernel case) and very convenient, and most of all, it guarantees a pathwise
continuous solution.

1.3. Outline of the paper. This paper is organized as follows: We first prove
the moment bounds, Theorem 1.7, in Section 2. Using these moment bounds, we
proceed to establish the Holder regularity, Theorem 1.8, in Section 3. Then in
Section 4, we prove Theorem 1.9 for the two approximations. The weak limit as ¢
goes to zero, that is, Theorem 1.11, is proved in Section 5. With this preparation,
we prove the weak comparison principle, Theorem 1.3, in Section 6. Finally, in
Section 7 we prove both the strong comparison principle (Theorem 1.5) and the
strict positivity (Theorem 1.6). Some technical lemmas are given in the Appendix.
Throughout this paper, C will denote a generic constant which may vary at each
occurrence.

2. Moment bounds (Proof of Theorem 1.7). We first introduce some nota-
tion following [8]. Denote

2.1 k(t) = /Rd f(2)G(t,z)dz.
By the Fourier transform, this function can be written in the following form:
—d _tEI” |2
(2.2) k(1) == (2m)~ f (d§) exp N
Define ho(t) ;=1 and forn > 1,
t
(2.3) hy(t) = / dsh,—1(s)k(t —s).
0
Let
o0
(2.4) H(t;y):=)_ y"hy(t)  forally >0.
n=0

This function is defined through the correlation function f. The following lemma
tells us that this function has an exponential bound.

LEMMA 2.1 (Lemma 2.5 in [8] or Lemma 3.8 in [2]). Forallt >0andy >0,
recalling that Y (B) is defined in (1.3), it holds that

(2.5) lim sup —log H(t;y) < 1nf{,8 >0:7T(128) < %}

—00
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The following lemma will play a key role in our Picard iteration to obtain the
upper bounds for the pth moment. Interested readers may want to compare it with
Lemma A.1 below. While Lemma A.1 is appropriate for dealing with the two-
point correlation function, the corresponding recursion for the p-point (p > 2)
correlation function will be much more complicated. Instead if one only needs
some upper bounds for the pth moment, the following lemma will do the job.

LEMMA 2.2.  Suppose that ju is a signed measure that satisfies (1.2) and recall
that Jo(t, x) is the solution to the homogeneous equation (see (1.6)). If a nonneg-
ative (measurable) function g : Ry x R? — Ry satisfies that for all t > 0 and
xeRY,

t
/ dsf G(it—s5,x—y)G({E —s,x—y)
0 R2d

x f(y1—y2)8(s, y1)g(s, y2)dyr dy, < +00

and
2 2 2 !
2.6) gt,x)" < Jyt,x)+A /O ds_/de Git—s5,x—y)G({t—s,x— )
X f(y1 —y2)g(s, y1)g(s, y2) dy1dya,
then
(2.7) g(t,x) < (Il % G, ) (x) H (r: 222) /2.

PROOF. We prove this lemma using Picard iteration. We need only to prove
the case when the inequality in (2.2) is an equality. Let

go(r, x) = (Il * G(z, ) (x),
and forn > 1,

t
g0 =Jw0+22 [ ds [ G—s.x =36 —s.x 1)
0 RZd
(2.8)
X gn—1(8, Y1) &n—1(s, y2) f (y1 — y2) dy1 dy».

For y =212, we claim that

n 1/2
(2.9) gn(t,x) < go(t,x) <Z Vihi(t)> forall n > 0.
i=0
It is clear that (2.9) holds for n = 0. Suppose that (2.9) is true for n > 0. Notice
that

t
g0 = e +a2 [ [ 60 —sx =y —s.x =y f31 = 32)

X gn(s, y1)8n (s, y2) ds dy; dy>
= J3(t,x) + 2°1(t, x).
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By the induction assumption,

t
1.0 < [Cas [ dydiafn =36 —s.x = 3G =5, =)

x |Jo(s,y1)||Jo(s,yz)|<Z y%-(s))

i=0

t
=/0 ds /A; dy1dys f (1 — y)G(t — 5, x — )Gt — 5, % — y2)

x [ @Dl @e) G, 3~ 2Gs, 2 —Zz)(gy’hi(s)),
Because (see [5], Lemma 5.4)
s(t—s) sy—(—s)x

(2.10) G(s,x)G(t—s,y):G( — t >G(t,x+y),

we see that

Gt —s,x—=y)G(s,y1 —z1)
s(t—ys)

=G(t,x—Z1)G( ,y1—Z1—;(x—Zl)>-

Hence,

n

t .
o= [ ds<Zylh,-<s>> J [, dvidyar i =32

i=0

X G(S(t _S),yl —z1 — E(x —21))
t t
s(t—s) s
xG( ; ,yz—Zz—;(X—Zz))

x [, DIl @G x -G x - 22).

By the Fourier transform, the above double integral dy; dy» is equal to

oo [ Faexp(i" @ - m-g - D).

Since f is nonnegative, this integral is bounded by

e [ Fayexp( - er?).

Hence,

t noo R _
6o =geo [ ds(Zy’hms))(zn)—d [, Faorexp(-—e?).

i=0 !
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Then using the fact that r — h;(¢) is nondecreasing (see Lemma 2.6 in [8]), by
Lemma B.1 with 8 = |£]?/2, we see that

16,0 22630 [ ds Sy ihi(s) ) 2 [, Fagrexn( =" 1er)
’ — o\ 0 =~ 1 Rd 2 .

Then by (2.2) and (2.3), we see that

t n . n .
I(t,x) <2g5(t, x) /0 ds <Z yliu(s))k(r —5)=2g5(t,x)Y_ ¥ hit1 (D).
i=0 i=0
Therefore,

n n+1
871 (1, %) < g8, x) + 222851, ) Y ¥ hia (1) < JG (1. %) Y v hi (D).
i=0 =0

This proves (2.9). Finally,

n 172 00 172
g(t,x) < lim_go(t, x) <ZO y‘h,-(r)) = go(t, x) <ZO y’h,-m) :
1= 1=
which completes the proof of Lemma 2.2. [

PROOF OF THEOREM 1.7. The unique solution in L?(£2) has been established
in [8]. We will prove the moment bounds in three steps.
Step 1. Now we prove this moment bound using Picard iteration. Let

uo(t, x) = Jo(t, x),
and forn > 1,

t
2.11)  uu(t, x) = Jo(t, x) +/O /]Rd G(t—s,x—y)p(up—1(s, y))M(ds, dy).

Since p is Lipschitz, by denoting ¢ = |p(0)|/ Lip 00

lp(X)], <Lip,| s+ X[, <Lip,/2(c> + IX]3).
P )4 )4

Because by the Burkholder—Davis—Gundy inequality and linear growth condition
of p,

S+ fungr e 0
t
<2 4222(, %) +8p/ / Gt —s.x — y)G(t — 5, x — y2)
0 RZa’
x 1=y p(unts, yD)|, [ p(un(s, y2) |, ds dyr dyz

t
5?2 +2J()2(t,x) + l6pLipf)/0 /RM G(it—s5,x—y)G({Et—5,x— )

x fy— yz)\/?z + [un s, y1)||f,\/?2 + [un s, yz)Hf,dS dy; dy»,
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we can apply the same induction arguments as those in the proof of Lemma 2.2
with 22 = 16pLip? and g, (1, x) = \/§2 + [lua (2, x)[12 and Jo(r, x) replaced by
<+ \/EJO(I, x) to conclude that for all n > 0,
(2.12)

it 0], =S + it 0

n

1/2
<V2(T+V2(Inl % G2, ))(x)) (2(32;) Lipf,)’h,-(z)) :
i=0
Step 2. In this step, we will show that {u, (¢, x), n € N} defined in (2.11) is a
Cauchy sequence in L? (€2). Without loss of generality, we may assume that p > 0,
otherwise one may simply replace p by || at each occurrence of w. This will then
imply the moment bound in (1.14). Denote

Fu(t, %) = |uns1(t, ) —un(t, )] .
Then
t
Fnz(t,x) < 8pLip%/ ds/ dy1dy,G(t — s, x —y1)G({ —s,x — y2)
0 R2

X f1 = y2) Fu—1(s, y1) Fr—1(s, y2),
forn > 1, and

Fg(t,x) = ur (2, x) = Jott, )|

t
<8pLip} [ ds [[ | dydnG—s.x =G —s.x =)

x f(y1 = y2)Jo(s, y1)Jo(s, y2).

Then by setting F_1(¢,x) := Jo(t,x) and y = 16p Lip)zo, one can apply the same
induction arguments in the proof of Lemma 2.2 to conclude that

00 00 1/2
Y Fu(t,x) < Jo(t, x) (Z y"hi(n) < oc.
n=0 i=0

Therefore, {u, (¢, x), n € N} is a Cauchy sequence in L”(£2) and
Ju(t. )], = lim [u, (. 0)],

n

. 1/2
= nlijgo(? +V/2Jo(1, x)) (Z(32p Lipf,)’hi(z))

i=0
= (T + v2Jo(1, ) H (1: 32pLip2)/* < oc.
This proves (1.14).
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Step 3. In this step, we will prove (1.15). Notice that in this case for § > 0,

1 f(de)
4 (B+1E12)* (B +[EP)1-

A A

= ,3%<fs|51 J;(ii) +/5|>1 ISJICZ(ﬁi))

- C(l n 1 )

T\ B/
From now on fix the constant C on the right-hand side of the above inequalities. If
p is large enough such that 32p Lip% C > 1, then

c ( 1 N 1 ) - - 2C - 1
B B*)~ 32pLip; p* ~ 32pLip;
U
= B=(Co4pLip?)/" = B,.

Then an application of Lemma 2.1 shows that

Y(B) = (2m)~ /R

. 1 .
lim sup - log H(; 32p Llpf)) <Bp.

—00
Hence, the function e #r'H(r;32p Lip%) is a continuous function on [0, oc].

Therefore, for some constant C' > 0, e #r' H(t;32p Lipf)) <’ forall ¢ > 0. This
proves (1.15) and also completes the whole proof of Theorem 1.7. [J

3. Holder regularity (Proof of Theorem 1.8). We first prove the following
lemma.

LEMMA 3.1. Foralla € (0,1],x,y € R and t' >t > 0, we have that

(3.1) IG(t,x) = G(1,y)| < N%[G(Zt,x) + G2t y)]lx -yl
and
3.2) IG(1,x) — G(', x)| < Ct=2G (4, x)(1' — 1)*/%.

PROOF. By the scaling property, for (3.1), it suffices to prove that
|G(1,x) =G, y)| = C[G2,x) + G2, »)]lx — yI*.

We may assume that |x| < |y|. Choosing x € R4 such that |X| = |x| and Yy =ax
for some a > 1, that is, x, y and the origin are on the same line. By the mean value
theorem, for some c € [0, 1] and £ =cx + (1 — ¢)y,

|G(1,x) = G(1,»)|=]G(1,x) - G, )|
=G, 8)Ellx -yl
=CG2,8)lx =yl
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Then by the choice of x we see that
G(2,8)|x —y| = C[G2, %) + G2, »)]Ix -yl
<C[G2,x)+ G2, »]lx =yl
Therefore,
|G(1,x) = G(1, y)|
=|G(1,x) - G, y|*|GA,x) — G, y)|17°‘
< C[G2,x) + G2, )] Ix — y*|G2,x) + G2, )|

=C[G2.x)+ G2, ]Ix — yI*

where we have applied the inequality that is just obtained to the factor |G (1, x) —
G (1, y)|* and we have used the fact 0 < G(1, x) < CG(2, x) for the other factor.
This proves (3.1).

As for (3.2), notice that

|G(t,x) — G(t', x)|

12 x[?

5(2”)_d/2|t‘d/2—(t/)“’/z}e bl +(2n) d/2( 7y d/2|e B |

o(-5)o0.3)
9 \/Z 9 \/? .
For any y € (0, 1), because ¢’ > ¢,

‘t—d/Z _ (Z/)—d/2’ — ’l‘_d/Z o (t/)—a'/Z‘l—y|t—d/2 _ (t/)—d/Z}y

=122 — ()P G x) + ()

(3.3) < CL P[P - ()P e =)
<Ct7 7| 7).

By (3.1), for all @ € (0, 1],

o(3)-c0.3)
weofe )l )

< CG(Z, —) @12 ()2
7o )P ()
= C(t/)d/zG(zt/’ x)lx ()Y - (t/)—1/2|a.
By the concavity of the square root, we see that
|l‘_1/2 _ (t/)71/2| _ \/?— \/; - \/ﬁ
NN

~
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Hence,

G(l, i) - G<1, i)‘ < Ct ()2 G(2r x) x| (1 — 1)V
N

<Cr ()G x) (1 1)

The bound in (3.2) is proved by taking y = «/2 in (3.3) and using the fact that
G(t,x) < CG(4t', x). This completes the proof of Lemma 3.1. [

PROOF OF THEOREM 1.8. Denote the stochastic integral in (1.5) by Z(¢, x).
Set ¢ =|p(0)|/Lip,. We need only to prove the Holder regularity for Z(z, x). Fix

n>1.Forall (r, x) and (t', x") € [1/n,n] x R¢ with ¢’ > r, we see that
|Z(t.x) = (' x)|5 < Cli(t, x, X)) + CL(t. £ x') + CIa(t, 1, x'),

where

t
Li(t,x,x") = /0 dS/de dyrdy2 f(y1 — y2)

(3.4) X [G(t —s,x —y1) = G(t —s5,x' —y1)|\/?2 + uts. yn)
x|G@t—s,x—y2)—G(t —s,x —yz)!\/?2 + Hu(s,yz)lf,,
t
L, 1, x") :/0 dS/de dyrdy2f(y1 — y2)
(3.5) X |G(t—s,x"—y)=G(' —s,x" — yl)]\/§2 + Jus, y1)||§7

x |Gt —s,x"—y)— Gt —s,x" — y2)|\/?2 + [us, y2)||i

and

t/
13(t,t’,x/)=/ dS/ dy;dy2f(y1 — y2)
t R2d

(3.6) X G(t/—s,x’—y1)\/?2+ “M(S,)’I)“i

X G(l = 5. = 32) [+ Juts. )|
Note that when ¢ # 0, from the moment bounds in (1.14), by choosing
f(dx) =+2u(dx) +<dx and Jo(t, x) :=~2Jo(t, x) + €,

one can reduce it to the case that ¢ =0, that is, p(0) = 0. Hence, in the following,
we only need to consider the case that ¢ = 0. We will study these three increments
in three steps.
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Step 1. In this step, we study I;. We apply the moment bound (1.14) to (3.4), it
follows that

t
Li(t,x, x') SCH(t,yp)[O dS//RZd dyrdy2 f(y1 — y2)

X |G(t —s,x —y1) — G(t —s,x" — y1)|
X |Gt —s5,x = y2) = G(t = 5,x" = y)]|

< [, azDp@G . 0~ 206, vz - 220

Here, we have used the definition of Jy(, x) and the fact that H (s, y,) is non-
decreasing in s; see Lemma 2.6 in [8]. By Lemma 3.1 and and (2.10), for all
ae(0,1),

|Gt —s,x—y1) — Gt —s,x" —y1)|

, |x_x/|0(
< C[G(2(t —s),x — yl) +G(2(l’ —S),X — yl)]m

and

G(s,y1 —z21)|G@t —s,x —y1) — G(t — s, x" — y1)|

lx —x'|“

<CG@2s,y1 —z2D[G(2(t —5).x —y1) + G(2(t — ), x" — yl)]m

lx — x'|%

(t — s5)¥/?

+G(2t,x" — zQG(M, yi—21— ;(x/ — z1))]

A similar bound holds for the expression with respect to y, and z,. Expanding the
product of the two bounds, we will get a sum of four terms,

[G(Zt,x —zQG(M

S
L,V — 21 — ;(x—m))

txx lektxx

where, for example,

Lia(t,x, x")

) t 1
<Clx x| //Rm“(d“)“(dm)/o ds //de dyrdy2 f(y1 = y2) i —s)®

2s(t —s)

S
XG(2I,X—21)G< a)’I—Zl—;(X—Zl)>

2s5(t —s)
(=

s
x G(2t,x" — 22)G ,y2—22—;(x—zz)),
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and similarly for /1 ;, i =2, 3, 4. Because
I3
| FIG(t, -+ w)]()] fexp(—§|$|2> for all w € R?,

we see that
I]yl(t,x,x')
. t N 1
< Clx —x/| ffRMM(dm)u(dZﬁfo ds /Rdf(dg)(z—s)“

25(t—58) -
X GQ2t,x —z1)GQ2t,x — 22) exp(—flél )

p(— 2= g )
(t —s)*
By Lemma B.1 with g(s) = s~'/® and B = |£|? (g is nonincreasing),

, 2 o exp(= 2 e )
[ as [, fan = —

! A 1
<2 s [ @) exp(-sleP)

t ~
:C}x—x/|2aJo(2t,x)Jo(2t,x/)/0 dszdf(dE)eX

t 2 ]

gze’/O ds /Rd f(ds)s—aexp(—s(|§|2+ 1)
f@s)

N chd (L+ g

o / Ad
I (%, %) < Clx = x' P Jo 21, x).Jo (21, x )fRd (l-i-fl(é'%

One can obtain similar bounds for all the other three terms. Therefore,

fdg)
a (14 |&H)t-e
Step 2. Now we consider the time increment /,. By (1.14),

L(r, 1, x')
t
/ / /
SC./O ds_/_/de dy dy:|G(t —s,x" — y1) = G(t' — 5, x" — y1)|

X |Gt —s,x" —y) = G(t' —s,x" = y2)| f (1 = y2)Jo(s, y1) Jo(s, y2)

=c [ neuz) [as [ anarron-y

Hence,

Li(t,x,x") <Clx — x’]za[JQ(Zt, x) + Jo(2t, x')]Z/
R



COMPARISON PRINCIPLE FOR SHE ON R 1007

X G(s,y1 —zD)|G(t —s,x" = y1) = G(t' —5,x" — y1)|
X G(s,y2—22)|G(t — s, x" = y2) = G(' — 5, X" — y2)]|.

Applying (3.2), using the fact that G(s, y; — z1) < CG(4s, y; — z1) and then ap-
plying (2.10), we see that

G(s,y1 —z1)|G(t —s5,x" —y1) — G(t' — s, x" — y1)|
<C(t—39)"2G (s, y1 — 2)GA(K = 5). 2" — ) (' — 1)

<C(t—s)"?G4s,y1 —2)G(4(1' —5). x" — y1)(t' —1)*/?
<C(t—s)""*G@ x' —z1)

4s(t' —s) s
X G(T,yl -1 — ?(x —zl))(t/—t)“/z.

Therefore,

L, 1, x')
<Cc(t'—1)* //Rmu(dm),u(dzg)G(M/,x’ —21)G(4', X' — z2)
t
></0 ds(t —s)_“/de dyidy2f(y1 — y2)
4s(t’ —
X G(M, yi—21— i/(x' —Zl))
t t
X G(%(tti/_s), y2—22— %(x/ - Zz))
=C('—1)" //1;@1 p(dz1)u(dz2)G (41", x" — 21)G (41, x' — z2)
t N 4 t —
x [las—s [ Fapew(-2 )
:C(t/—t)“JOz(4t/,X')f £(d#)

x/otds(t—s)_“exp( 4s(t )|§| )

where in the second inequality above we have used the fact that

exp( 4s(t’ _s)|$| )SeXp<—wlél2)
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since t' > t. By the same arguments as those in Step 1,
. t
L, ¢, x")<C(¢ —r)“J§(4t’,x/)/df(dg)/ dss~® exp(—2s|£]%)
R 0
. t
<C(' —1)"J34, x/)/d f(dé)/ dss ™ exp(—2s(1 + |£]%))
R 0
F(d8)
<C(t' —t)*J3 4t x' / fi
= ( ) O( ) RA (1+|§|2)1_0{

Step 3. As for I3, by the moment bound (1.14) and (2.10),
L, 1, x')

t/
< C/ ds //2d dy dy:G(t' — s, x" —y1)G(t' — s, x" — y)
t R

x f(y1 —y2)Jo(s, y1)Jo(s, y2)

[/
—c f f w(dz)(dza) f ds f f dydys f(y1 — y2)
]Rd t RZd
X G(s,y1 —z21)G(t' — 5, x" = y1)G (s, y2 — 22)G (' — 5, x" — y2)

B C//Rdu(dm)u(dzz)G(f@x' —2)G(t', X" — 22)
t/
x/ ds/ dyidyz2 f(y1 —y2)
¢ RZd
s’ —s) s
X G( R R ?(x/—Zl))

s’ —s) s
x G( 2 ?(x/—zz))

t A
=[], n@u@GE ¥ ~2)6(x ~2) [ as [ Fee)
cexp(—*C e

I R ’_
:CJOZ(t’,x/)/t ds/Rd f(dé)exp(—s(ttils)mz).

Notice that for any « € (0, 1],

[ asexn(- 7 er)

< ftﬂ ds exp(—t(t/t,_ s)|$|2>
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/ dsexp( _S)( +|§|) t(t/_t)>

t,
sc/t dsexp( (t_s)(1+|5| ))

1 —exp(—1C20 (1 4 |£[2))

1+ &2
(1’ =1) —t) o
_C< (L4 1£1%)
1+ &2
_ _Cw—n"
A+ g
Therefore,
’ / / o / / A(d )
3.7 Lt t',x")<C(t' —1) Joz(t,x)fRd(l_i_fE%-

Combining these three cases and applying the Kolmogorov’s continuity theorem,
we have completed the proof of Theorem 1.8. [J

4. One approximation result (Proof of Theorem 1.9).

PROOF OF THEOREM 1.9. (1) By Theorem 1.2, we see that both u# and u,
are well-defined random field solutions to (1.1). Let v, (¢, x) = us(¢t, x) — u(t, x)
and p(ve) := p(ve +u) — p(u). Itis clear that p is a Lipschitz continuous function
satisfying p(0) = 0 and Lip; = Lip,,. Then v, is a solution to (1.1) with p replaced
by p starting from p, 1= ((ue) * G(g, -))(x) — p. Denote

Je(t,x) = (ue * G(1,))(x) and ge(t,x,x") = |E[ve(r, x)ve (2, x)]|.
Then g satisfies the following integral equation:

gé‘(t’x7-xl) S |J8(tsx)‘]8(t7-x,)|

t
+Lip%/0 ds/A‘w G(t—s,x—y)G(t—s,x/—y’)

x f(y—y)g(s.y.y)dydy".
By Lemma A.1, we see that

ge(t,x, x") < |Je(t, x) Je (2, x1)|

t
/ /
+C/0 ds’/’/RMG(t—s,x—y)G(t—s,x -y

X f(y =) Je(s, y) e (s, y')| dydy’.
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Notice that
e, )| < [(Iuel % |Gt +&,) — G, )])(x) + (Inve — ul % G(z, ) (x)]
<[(lnl* |Gt +¢&,) =G, )|)(x) + (Iue — ul % G2, ) (x)].

Because for any ¢ € (0,1), |G(t 4+ ¢&,x) — G(t,x)| < CG(2t,x) for all x € R4
uniformly in €, and because |uy. — u| < ||, we see that

Je(t, )] < C(lnl* G2, ) (x) + (Il % G (2, ) (x).

Then one can apply the dominated convergence theorem twice to conclude that

lim g (¢, x,x") =0,
e—0

which completes the proof of part (1) of Theorem 1.9.
(2) Since u and u, start from the same initial data, we see that

E[(u(t, x) — e (1, x))?]

t 2
<28( [ [ G = sox = nlpluts. ) - plas(s. )M s, dy) )

' 2
- 21@(/0 /Rd G(t —s,x — y)p(iie(s, y)) (M (ds, dy) — M*(ds, dy)))

=1(t,e)+ I(t,¢).

For I,(¢, €), using the Lipschitz condition on p and since the initial condition is
bounded, we obtain that

t
Ii(t,e) < C/O /Rd G(2(t —s),y) f(y) sup E[(u(s, z) — iie (s, z))z] dyds

zeRd

=C fot dsk(2(t — )) sup E[(u(s, 2) — iie (s, 2))7].

zeRd

where k(-) function is defined in (2.1). As for I,(¢, &), we have that

t
IE</0 /Rd Gt —s,x = y)p(ite(s, y))M(ds, dy)
t
X /0 /Rd G(t—s,x —y)p(is(s, y))M*(ds, dy))
t
N E(fo /Rd Gt —s,x = y)p(ie(s, y)) M (ds, dy)
t
) -/0 /de Gl —s,x— y)p(ﬁf(s’ y))¢s(y — )M (ds, dz) dy)

t
N E</0 A@d G(t —s,x — y)p(iic(s, )M (ds, dy)
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t ~
<[ ( Gt — 5, x — y)piie (s, ) (v —z)dy)M(ds,dz>)
0 JR4 R4

= E(/O ds /A@M dy1dyG(t — s, x — y1),0(ﬁg(s, J’l))
xG@{t—s,x— yz),o(llg(s, yz))

< [, @02 -2 700 -2)
t
:E<fo dS/de dyr dy2 f8(y1 — y2)G(t — s, x — y1)p(ie(s, y1))

X G(t —s,x — y2)p(ie(s, )’2))),

where we have applied the stochastic Fubini theorem and f°(x) := (¢ * f)(x).In
the same way, we can get

' 2
E[(/O /RdG(t_svx_)’),O(ﬁs(S,y))Me(ds,dy)) ]

t
=B([ a5 [[, dndyaGat = s.x = y)plicts. )
0 R2d

X Gt — 5, x — y)plite(s. y2)) f5* (31 — )’2)),

where f%%(x) := (¢e * ¢ * f)(x). Since ¢ is nonnegative definite, the kernel
function f%¥¢ is nonnegative and nonnegative definite. Moreover, due to

P (/quﬁ(x)dx)Z:l,

& satisfies Dalang’s condition (1.3). From the above calculation, we see that the
spatial correlation function for the noise M?¢ is f%#(x). Notice that

@.1) ¢ (&) =p(e&)* = ‘ / e G g (x) dx
Rd

ke(t) = /}Rd o4 (2)G(t,2)dz

=en ! [ Feed.@?ew(- 'i'z)

<o [ | fasexp(- '5'2)=k<z),

for all & > 0. Therefore, by Theorem 1.7,

sup sup lis (s, x) |, < sup Ju(s, x)|, < 0.
>0 (s,x)€[0,1]xR4 (s,x)€[0,r]x R4
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Thus,
t
L(t,¢) §C/ // Git—s5,x—y)G({t—s5,x—72)
0 RZd
X|f(y—2)=2f(y—2)+ fo°(y —2)|dydzds

=c [ [,60u=0I7m =270+ rmldvas
<c [ [, 60a-9.0170) - sl

v [' [ 6eu—9.3)l70 - mlavas
—c [ sCr DI m) - 0l dy

+C [ eIyl Fo) - 0]y,

where the function g(z, |x|) is defined in Lemma B.4. Because f is nonnegative
and

t
[ e ihromay= [ [ casyroyas

t
:/ k(4s)ds < h1(4t) < oo,
0

part (2) of Lemma B.5 implies that lim,_,o />(¢, €) = 0. Hence an application of
Gronwall’s lemma shows that

lim sup E[(u(t, z) — e (7, 2))*] =0,

e—>04 zeRd

which completes the proof of Theorem 1.9. [
5. A weak limit (Proof of Theorem 1.11).

PROOF OF THEOREM 1.11. Fix ¢ € C.(R9). Let I(z, x) be the stochastic
integral part of (1.5). We only need to prove that

lim | dxI(t,x)¢(x)=0 in L2(Q).

t—=04 JR

Denote L(r) := [ I(t,x)¢(x)dx. By the stochastic Fubini theorem (see [25],
Theorem 2.6, page 296),

t
Lo= [ /R( [ axG —s.x y)¢<x)>p(u(s, ¥)M(ds, dy).
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Hence, by It6’s isometry and the linear growth condition on p,

t
2 )
B[L(?) < Lin} [ & [ avidnson-w [[ | doan

% /22 + Juts. y)|2G (@ — 5.1 — y)|p o)

’

xS + [uts, y2) |26t — s, x2 = y2) [ (x2)
where ¢ = [p(0)|/Lip,. Then by the moment bounds (1.14),

t
B[L@?]=c [ as [ andyfor— [[ | dnan
X\ 1+ J5(s, yDG (@t =5, x1 — y)|¢p(x1))|
X 14 J2 (5, y2)G(t — 5, x2 — y2) | (x2)].

Assume that t < 1/2. By considering . (dx) = p(dx) + dx and setting J, (¢, x) =
(us xG(t,-))(x), we see that

1+ J3 @t x) < J2(t, x).

Because for some constant C > 0, |¢p(x)| < CG(1,x) forall x € R4, we can apply
the semigroup property to get

5 t
E[L0?)=C [ ds [[ | dvidyasn =32 uts 3G +1=5.3)

X Ji(s,y2)G(t +1 =5, y2).

Then by a similar argument as those in the proof of Lemma 2.2, we see that

R ' 1—
BL@?) < cr2a+ 10 [ f@ [ ase(-T )

2 ; ' S1gp2
<cr+ 1 [ Fwe) [ asexp( -3 1eP).

where the last inequality is due to r < 1/2. Since the above double integral is
finite for = 1/2, by the dominated convergence theorem, we see that this double
integral goes to zero as ¢t — 0. This completes the proof. [J

6. Weak comparison principle (Proof of Theorem 1.3).

PROOF OF THEOREM 1.3.  We begin by noting that (1.9) is an immediate con-
sequence of (1.8). So we only need to prove (1.8). The proof consists of four steps.
Both the setup and Steps 1 and 4 of the proof follow the same lines as those in the
proof of Theorem 1.1 in [7] with some minor changes. The main difference lies in
Step 2 and Step 3.
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Now we set up some notation in the proof. We view the G (¢, x) as an operator,
denoted by G(¢), as follows:

6.1) G(1) f(x) = (G(t.) * f) (x).
Let I be the identity operator: I f(x) := (8 x f)(x) = f(x). Set
(6.2) Af = M
I3
Let
e P _r > (t/g)n . —t/e e
(63)  G'(1)=exp(tA)=e"5 ) G(ne) := e "FI+ R (1),

|
n—0 n:

where the operator R?(¢) has a density, denoted by R?(¢, x), which is equal to

(6.4) RE(t,x)=e'F Y ﬂG(m, x).
n.

n=1

For ¢ > 0 and x € R4, denote
t
(6.5) M (t) =/ fd G(s,x — y)M(ds, dy) fort > 0.
0 JR
Denote M ()= %M £(t). Then the quadratic variation of dM{(z) is

At o) = [, Gle.x = yGex =2 (1 = v dy dyadr

_ /Rd o7 fede) dr.

Consider the following stochastic partial differential equation:

at

66) iug(t,x):Asug(t,x)+p(u€(t,x))M§(;), t>0,x eRd,
Ms(o,x)=(/¢L*G(8, ))(x), x e RY.

Since p is Lipschitz continuous and A¢ is a bounded operator, (6.6) has a unique
strong solution

t t
(6.7) ue(t,x)=(u=Gle, -))(x)—i—/o dsAeug(s,x)—i-/O p(ue(s, x))dM:(s).

We proceed the proof in three steps. We fix ¢ > 0 and assume that ¢ € (0, 1 A 1).

Step 1: Let ug 1(¢, x) and u, 2(¢, x) be the solutions to (6.6) with initial data
(u1 * G(e,-))(x) and (u2 * G(g, -))(x), respectively. Following exactly the same
lines as those in Step 1 of the proof in [7], we can prove that ve (¢, x) 1= ug 2(¢, x) —
ug 1(t, x) satisfies

(6.8) P(ve(t, x) > 0, for every 7 > 0 and x € RY) = 1.
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Actually, one can construct a sequence of CZ(R) functions ¥, as in [7] such that

. U, (x)  —(x AO) =: W (x),
9
© W (x)x 1+ W(x), 0< W/ (x)x*<2/n.

Then we apply 1t6’s formula to W, (ve (¢, x)) and take the expectation on both sides
to remove the martingale part. The third property in (6.9) ensures that the quadratic
variation part goes to zero as n — oo. Using the other two properties in (6.9), we
see that by passing to the limit, it holds that

1t
E[W(ve (2, x))] < E/O ds /Rd dyG(e,x — y)E[W(ve (s, ¥))].

Then one can apply Gronwall’s lemma to sup,cga E[\W (v¢ (s, y))] to conclude that
E[W (v, (f, x))] =0 for all # > 0 and x € R?. This implies (6.8).

Step 2. In this step, we consider the case that the initial condition is bounded
nonnegative function, that is, p(dx) = g(x) dx where g(x) >0 and g € L%®(RY).
We also assume that the covariance function f satisfies condition (1.4) with @ =1,
that is,

/ £(dg) < o0,
]Rd

Let u. (¢, x) be the solution to (1.1) starting from u. (0, x) := (u * G (¢, -))(x). The
aim of this step is to prove

(6.10) lirr(l) sup |ug(t, x) — u(t, x)H% =0 for all > 0.
&

xeRd

Notice that u. (¢, x) can be written in the following mild form using the kernel of
G (1):

ug(t,x)= (Mg(()’ 2) % Gg(l‘, ))(x) n /(‘)t e_(;—s)/SIO(ug(s’ )C)) dM;‘(S)
t
—I—/O /I:Kd RS(I — 85, X — y),o(ug(s, y)) dM;(s)
= (ue (0, ) x G(2, ) (x) + ./ot e—(f—S)/sp(ug(s’ x)) dME(s)
! &€
+/0 /I:&d< o Rt —s,x —2)p(ue(s,2))G(e,y — 2) dz)M(ds, dy).

The boundedness of the initial data implies that

(6.11) A, := sup sup sup {|ue(s,x)||§ v ||u(s,x)||§ < 00.
£€(0,1]5€[0,t] xeR4
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By the assumption on p, we have the following estimate:

6
Jue(t, ) —u@, )5 < C Y 5, x; 8),

n=1

where

Li(t, x5 €)== ((ue (0, ) x G*(t, ) (x) —u(0, -) x G(t, ')(x))z,
bt x: €)= /O[ ds /Rde—ﬂf'ze—z(’?” fde),

and I3(¢t, x; ¢), 11(t, x; ¢), Is(t, x; €), I(t, x; €) are, respectively, equal to

/Ot /Rd » Ré(t —s,x —2)[p(ue(s, 2)) — p(uls, 2))]

2
x G(e,y —z)dzM(ds, dy)

)
t
H/O /Rd RA RE(t —s5,x — 2)[p(uls, 2)) — p(uls, y))]

2
x G(e,y —z)dzM (ds, dy) H )
2

t
[ [, R =sx == G s~ 9)pluts. )

2

x G(e,y —z)dzM(ds,dy)

.
t
H/o /R /R (Gt —s5,x=y) =Gt —5,x—2)p(uls, y))

2
x G(e,y —z)dzM(ds, dy)

2
Since p has a bounded density, we see that
Li(t,x;¢)
< C|(ue(0, ) x G*(2, ) (x) — (u(0, ) x G(t, ) (x)|
< C(u:(0,) % |G(t,) = G(t,)]) (x)
+C(u(0,) * |Gt +¢,)—G(t,)])(x)

< C<e_t/8 + /Rd‘Rg(t’ y) = G(t,y)|dy

+/Rd|G(t+8, y) — G(ts)’)|d)’)~
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Then by Lemma B.3 and the fact that log(1 + x) < /x, we see that
(6.12) sup sup I1(s,x;8) <C(e™"/% 4+ e /1).

xeR4 5€(0,1]

As for I, we see that

Lt.xe) = f eES (1= e7F7) f(d)

R4
< fde) < C
<2 [, fup=ce.
which implies that
(6.13) sup sup Ir(s,x;e) <Ce.

xeRd 5€(0,1]

The term I3 will contribute to the recursion. By (6.11),

I3(t, x5 €)
t
< E[/o ds/de dyrdy2 f(y1 —y2)
x /Rd dz1 RS (1 — 5, x — 20)[p(ue (s, 21)) — pl(us, 21))]G (e, y1 —21)
x /Rd dzoR*(t — s, x — 22)[p(ue (s, 22)) — p(u(s, 22))]G (e, y2 — Zz)]

t
< [ a5 sup Juss.2) —uts DI [[ | didvason =)

zeRd
X (RE(t —s,) % G(e,))(x —yD(R*(r —s,-) % G (e, ) (x — y2)
B

where in the last line we used Lemma B.2. As for /4,

t
<C | ds sup |lug(s,z) —u(s,z)
zeRd

I4(t, x; €)

t
:EU”h/ dyirdy2 f(y1 — y2)
0 R2d

x ([, derRe@ —s.x = 2plpluts. ) = pluts, y0))Glen — 20 )

x ([, deake @ =s.x = 2lpluts. ) = pluts. 2)]Gle 2~ 22 ) |

t
SC/ dsf/ dyrdy2 f(y1 — y2) // dzy dz
0 de RZd
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X RE(t —s,x —z1)|u(s, z1) —u(s, y1)|,G (g, y1 — 21)
X R*(t —s,x — 22) |u(s, z2) — u(s, y2)|[|,G (&, y2 — 22).

Then by the Holder continuity of u (see the proof of Theorem 1.8), we have that

t
14(t,x;8)§C/ ds// dyrdy2 f(y1 —y2) / dzydz
0 de RZd

X RE(t —s,x —z1)|z1 — y11G (g, y1 — 21)

X Ré(t —s,x —z2)|z2 — y2|G (g, y2 — 22)

t
SCS/ dS/ dyirdy> f(n —yz)// dz;dzo
0 R2d R2d
X R°(t —s,x —z1)G e, y1 —z1)R*(t —s,x —220)G(2e, y2 — 22)

<Ce,

where the last inequality is due to Lemma B.2 and the second inequality is due to
the following inequality with o = 1:

lz1 — y11%1z2 — »21*G (e, y1 —21)G (g, y2 — 22)

(6.14)
<Ce*G e, y1 —21)G(2¢, y2 — 22),

for all « € (0, 1]. Hence,

(6.15) sup sup I4(s,x;¢e) <Ce.

xeRd s€[0,t]

Now let us consider Is,

Is(t, x; €)
:E[/Ot ds/de dyrdy2f(y1 —y2)
x (/Rd dzi (RE(t —5,x —21) — G(t — 5, x — 21))
X pluts. )G,y = 21))
X (/Rd dzo(R°(t — s, x —22) — G(t —5,x — 22))

x p(u(s, 22))G (e, y2 — Zz)>]

t
SC/ ds // dyirdy2 f(y1 — y2) // dzidzo
0 RZd RZd

X |RE(t—s,x—z21)— Gt —s5,x —21)|G(e, y1 — 21)
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X Rt —s,x —22) = Gt —5,x — 22)|G (e, y2 — 22)
t
< C/O ds //de dzy dzz|R(s, z1) — G (s, 21)||R(s, 22) — G (s, 22)|
x //de dyrdy2f(y1 —y2)G(e, y1 —x +21)G (e, y2 —x + 22)

t
:c/O ds//de dzy dza| RE (5. 21) — G(s. 21)]

X |R(s,z2) — G(s,22)| fre(z1 — 22),
where f>.(z) = (f * G(2¢, -))(z). Hence,

t
Isxie)=C [ ds [z dzal R .2~ GGs.20)

X /R dz2(R?(s, 22) + G (s, 22)) f2e (21 — 22).

Notice that by the assumption of f in this step,

/Rd (R®(s,22) + G (s, 22)) fre (21 — 22) dz2

< [ (RS2 + Gs.22) foo(e) di

o0
[ <es/a 3 ﬂe—%mz n e‘?i'2>e8'5'2f(dé) <C.
R n!

n=1

Thus, according to Lemma B.3, we have

¢ e1/2
Is(t, x; €) gcf <es/€ + 1—) < Cel/?,
0 s1/2

Thus,

(6.16) sup sup Is(s,x;e) < ce'/?.

xeR4 s€(0,7]

Now we study /g. By Lemma 3.1,

Io(t, x; )
t
=E|:/0 ds /[;@d dyl dny(yl - y2),0(l/t(S,y]))p(u(s’y2))
X (/Rd dzi(G(t —s,x —21) =Gt —5,x —y1))G(e, y1 — Z1)>

< ([, 42160 = s —2) = Gt = 5.x = )G =) |
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t
<C / ds // dy1 dys f (1 — y2) // dz; dzs
0 RZd RZd

X |G(t—s,x—21) — G —s,x —y1)|G(g, y1 — 21)
x |Gt —s,x—22)— Gt —s,x—y2)|G(e, y2 — 22)

t 1
SC/O dsm/%}ém d)’1dy2f()71—)’2)//1;2dd21d22

x |z1 = y11"2[G(2(t — 5), x — 21) + G(2(t — 5), x — y1)]G (&, y1 — 21)
x |22 = |2 [G(2(t —5), x — 22) + G(2(t — 5), x — y2)]G (e, y2 — 22).
Then by (6.14) with « = 1/2 and by the semigroup property,

Is(t, x; 8)<C81/2/ ds—— i // dyidy, f(y1 — y2) / dz;dzp

x [G2s,x —z1) + G(2s,x — y1)]G(2¢e, y1 — z1)
x [G(2s,x —22) + G(2s,x — y2)|G(2¢, y2 — 22)

t 1
=C 1/2/ d —/ dy; d -~
e ) U5 [ I 2 f (O —y2)

X G(2(s +&),x —y1)G(2(s + &), x — y2)
el [Tl [ gm2ee+) fige)
0 s1/2 R4

< cgl/zf o
R (141512
Thus,
(6.17) sup sup Ig(s,x;€) < Cel/?,
xeR4 s€[0,1]
Therefore, by setting

M(t; €) := sup |us(t,y) —
yeRd

we have shown that
M(t;e) <C(e"/* +e7 e 4 \Je/t) +C /Ot M(s; €)ds.
Then an application of Gronwall’s lemma shows that
M(t;e) < C(e'? + e/ 4 \Je/1) + Ce*! /Ot (2 4 e75/¢ + Je/s)ds — 0,

as ¢ — 0. This proves (6.10).
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Step 3. In this step, we still work under the same assumption on the initial con-
dition as in Step 2, that is, u(dx) = g(x)dx with g >0 and g € LOO(Rd), but we
assume that the covariance function f satisfies Dalang’s condition (1.3). Choose
a nonnegative and nonnegative definite function ¢ as in part (2) of Theorem 1.9
(see also Remark 1.10). Let u and u, be the solutions to (1.1) and (1.17), respec-
tively, with the same initial data . From the proof of part (2) of Theorem 1.9, we
see that the spatial covariance function for M¢ is (f * ¢, * ¢.)(x). We claim that
(f * @ * ¢e)(x) satisfies (1.4) with « = 1. Indeed, because ¢ (x) < CG(1, x), we
have that ¢, (x) < CG(¢?, x) and

o
|, faeder=c [[ re=ngws.0drdy
< C/_/de fx —y)G(e2,x)G(e2, y) dx dy

= C/d F(ONG (262, y)dy = Ck(2¢%) < oo,
R
where k(-) is defined in (2.1). Hence, by Step 2, we see that
P(us(t,x)>0)=1  forallr >0and x € R?.

Part (2) of Theorem 1.9 implies that u. (¢, x) converges to u(¢, x) a.s., for each
t >0 and x € R?. Therefore,

P(u(t,x)>0)=1  forallz>0and x € RY,

Finally, suppose that ; (dx) = g; (x) dx with g; € L®(R), i =1,2.Let ug; be the
solutions of (1.17) driven by M*? and starting from initial conditions u;. If g1 (x) <
g2(x) for almost all x € R4, then by Step 1, ve(t, x) :=ue 2(t, x) —ug1(t,x) >0
a.s. forall 7 > 0 and x € R?. This step implies that v, (¢, x) converges to v(¢, x) =
us(f, x) —uy(t, x) in L2(Q) for all t > 0 and x € R?. Therefore, v(z, x) is non-
negative a.s., that is,

P(u;(t,x) <ua(t,x))=1  forallz>0and x € RY.

Step 4. Now we assume that the initial data ;| and u; are measures that satisfy
(1.2). Recall the definition of v, in (1.16). For ¢ > 0, let u,;, i = 1, 2, be the
solutions to (1.1) starting from ([u; %] * G (e, -))(x). Denote v(¢, x) = ua(t, x) —
ui(t, x) and ve (f, x) = ue2(t, x) —ue 1(¢, x). Because ¥, is a continuous function
with compact support on R, the initial data for u, ; (¢, x) are bounded functions.
By Step 3, we have that

P(ve(t,x) >0)=1  forallz>0,x €R? and & > 0.
Then part (1) of Theorem 1.9 implies that
P(v(r,x)>0)=1  forallz>0and x € RY.
This completes the whole proof of Theorem 1.3. [J
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7. Strong comparison principle and strict positivity (Proofs of Theo-
rems 1.5 and 1.6). We need some lemmas. Denote Q(r) = [—r, r]¢, that is, a
d-dimensional centered cube in R¢ of radius .

LEMMA 7.1. Letf > 0. Forallt >0 and M > 0, there exists some constants
1 <mg=mo(t, M) < oo and y > 0 such that for all m > mq, s € [ﬁ, %] and
X € Rd,

(7.1) (G(S,-)*]lQ(g))(x) Z)/]lQ(H_%)(X).

PROOF. Since the d-dimensional heat kernel can be factored as a product
of one-dimensional heat kernel, so the proof will be parallel with the proof of
Lemma 4.1 in [7]. We will not repeat it here. [J

LEMMA 7.2. Let € >0,t >0, and M > 0. Assume that (1.4) holds for some
a € (0,1]. If p(0) =0 and u(dx) = Lo (x) dx, then there are some finite con-
stants © := (B, Lipp, t) >0, B > 0and mg > 0 such that for all m > my,

t 1
P(u(s,x) > ,B]lQ(H%)(x)for all m <s< - and x € Rd>

> 1 — exp(—Om® (logm)' ).

PROOF. This proof follows similar arguments as those in the proof of
Lemma 4.3 in [7]. Here, we only give a sketch of it. Denote S := S; j, ¢, :=
{(5,y)15=<s<L yeQU+ %)}. By Lemma 7.1, for some 8 > 0,

m —

t t
(72) (u*G(s,))(x) > 2/3]1Q(E+%)(x) forall s € [%, ;] and x € R?.
Then the stochastic integral part I (¢, x) of the mild solution in (1.5) satisfies
t t
IP(u(s,x) < ﬂlQ(H%) for some T <s< - and x € Rd>
<P(I(s,x) < —p for some (s, x) € S)

§]P’( sup |I(s,x)| > ,3) < ﬁ_pIE(

sup |I(s,x)|p).
(s,x)esS (s,x)esS

Denote T =7/m and S" :={(s,y) : 0 <s <t/m,|y| < £+ M/m}. Using the fact
that 7 (0, x) =0 for all x € R, we see that forall 0 < n < 1 — oy
)

D’
p
) < E( sup
(s,x),(s",x")es’

I(s,x)—1(s',x")
(= /[ |s — s/
We are interested in, and hence assume in the following, the case when p =
O([mlogm]®) as m — 00; see (7.3) below. Since our initial condition is bounded,

I(s,x)

an
T2

]E( sup
(s,x)eS
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by (1.15), an application of the Kolmogorov’s continuity theorem shows that for
large p,

a+1

ﬂ_pE( sup ]I(s,x)}p>§C‘r%p"eCp “r
(s,x)es

1 o
< Cexp(iapnlog(r) + Cp%r)

Since p is large, we may choose n = 1/2. Hence, the exponent in the right-hand
side of the above inequalities becomes

1 atl
f(p):= ZOll?lOg(T) +Cp ot
Some elementary calculation shows that f(p) is minimized at

a?log(1/7) )a B (azm log(m/t))“
4a+DCt)  \ 4@+DCt )~
Hence, for some positive constants A and O,

mirzlf(p) <f(p)= —@m“[log(m)]Ha with p’ = A[mlog(m)]”.
p=

(7.3) P= (

This completes the proof of Lemma 7.2. [

PROOF OF THEOREM 1.5. This proof follows the same arguments as those in
the proof of Theorem 1.3 in [7]. Here, we only give a sketch of the proof. Interested
readers are referred to [7] for details.

Let u(t,x) :=up(t,x) — uy(t, x) and denote p(u) = p(u + u1) — p(uy). Then
it is not hard to see that u(¢, x) is a solution to (1.1) with the nonlinear function p
and the initial data u := p» — 1. Note that p is a Lipschitz continuous function
with the same Lipschitz constant as for p and p(0) = 0. For simplicity, we will
use p instead of p. By the weak comparison principle, we only need to consider
the case when p has compact support and show that u(¢, x) > O for all # > 0 and
xeRY as.

Case 1. We fist assume that p(dx) = 1) dx for some £ > 0. Denote

(7.4) c(m) := exp(—Om*[log(m)]" %),

where © is a constant defined in Lemma 7.2. We comment that due to a version

mismatch in [7], By should be defined separately, that is,

Rk+ Dt (k+ 1)t
m  om

Ay = {u(s,x)zﬁkH]lSZz(x) forallse[ }andxeRd},

forall k > 0,

kt (2k 4+ 1)t
By = {u(s,x) > K1 gm(x) forall s € [—, g] and x € Rd},
k m 2m
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t

[t/2,1] x [~M/2, M2 m=4

!

(DM - _p M —f 0 1 O+M gy (oM

m m

FI1G. 1. Induction schema for the strong comparison principle in the one-spatial dimension case.

for all k > 1 and
t
By := {u(—,x) > Blgn(x) forall x € Rd},
2m 0

where

Mk Mk

S = (—ﬁ——,z+—>.
m m

See Figure 1 for an illustration of the schema.
By an argument using the strong Markov property, one can show that

P(Ag | Freym) =1 —c(m) as.onAyp_iforO<k<m-—1,
which implies
P(Ag | Ag—1N---NAg) >1—c(m) foralll <k <m—1.

Notice that the fact that Ag C By implies that P(Bg) > P(Ag) > 1 — c(m). By
similar arguments as those for A, one can show that

P(B | Bk—1N---NBy) > 1—c(m) foralll1 <k <m—1.
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Then
P(MD 1A 5)
(1.5) =1-(1-2( N A"))_<1_P< n =)

0<k<m—1 0<k<m—1
> (1= c(m))"™"P(Ag) + (1 — c(m))" ™ 'P(Bo) — 1
>2(1 —c(m))" — 1.
Therefore, forall t > 0 and M > 0,
P(u(s,x) > 0forallt/2 <s <t and x € Q(M/2))

> mli_)moo}P’( N [AkﬂBk]>

0<k<m-—1

. m _
> Tim 2(1 —c(m)" —1=1.

Since ¢ and M are arbitrary, this completes the proof for the case when p(dx) =
Lo dx.

Case 11. Now for general initial data u, we only need to prove that for each
e>0,

(7.6) P(u(t,x) > 0 forz > ¢ and x e RY) = 1.

Fix € > 0. Denote V (¢, x) := u(t +e, x). By tl_le Markov property, V (¢, x) solves
(1.1) with the time-shifted noise M, (t, x) := M (¢ + ¢, x) starting from V (0, x) =
u(e, x), that is,

V(t,x) = (u(e, o) * G(t,-))(x)

(1.7)
+ //[o,z]x]Rd p(V(s, )Gt —s5,x — y)M(ds, dy).

We first prove by contradiction that
(7.8) P(u(e, x) = 0 for all x € RY) =0.

Notice that by Theorem 1.8 the function x — u(¢, x) is Holder continuous over
R? a.s. The weak comparison principle (Theorem 1.3) shows that u(¢, x) > 0 a.s.
Hence, if (7.8) is not true, then by the Markov property and the strong comparison
principle in Case I, at all times n € [0, €], with some strict positive probability,
u(n,x) =0 for all x R4, which contradicts Theorem 1.11 as n goes to zero.
Therefore, there exists a sample space Q' with P(R2") = 1 such that for each w € &/,
there exists x € R such that u(e, x, @) > 0.
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Since u(e, x, w) is continuous at x, one can find two nonnegative constants ¢ =
¢(w) and B = B(w) such that u(e, y, w) > Blyyo)(y) forall y € R?. Then Case
I implies that

P(V,(t,x) > 0forall > 0 and x € RY) =1,

where V,, is the solution to (7.7) starting from u (e, x, w). Therefore, (7.6) is true.
This completes the proof of Theorem 1.5. [J

PROOF OF THEOREM 1.6. Following the proof of Theorem 1.5, since K is
compact, we can choose n, T, N > O such that K C [, T] x Q(N). Let 8, Ay and
By be as in the proof of Theorem 1.5, we have

P( inf n 1-P A
((IngKu(t, x)<p ) < (05k911( kN Bk))
<2[1—(1=c(m)"],

where c(m) is a positive quantity defined in (7.4). Then we use the fact that (1 —
x)™ > 1 —mx forall x > 0and m > 1 to conclude that for some ©®’ slightly bigger
than the ® in (7.4),

P((t’ir)lil{u(t,x) < ﬂm> <2mc(m) < exp(—G)/mO‘(logm)H“).

Finally, by taking m = |log ¢|, we complete the proof of Theorem 1.6. [J

APPENDIX A: RECURSION ON THE TWO-POINT CORRELATION

We have encountered two types of recursions. One is (2.6), which is used in
the proof of Theorem 1.7; the other is (A.4) below, which is used in the proof of
Theorem 1.9. Lemma A.1 below is sharper than Lemma 2.2 and is used in [§] to
obtain lower bounds for the second moment.

We need to introduce some notation. For 4, w : Ry x R34 > R, define the
(asymmetric convolution) operation “I>,” which depends on f, as follows:

(h>w)(t,x, x5 y)

t
. / _ _ /_ /. _ _ /
(A.1) ._/0 ds//RZd dzdZh(t —s,x —z,x' =75y — (2= 7))

xw(s, 2,25 9) f(y = (2 —2)),
or equivalently, by change of variables,

(h>w)(t,x,x";y)

t
(A.2) :=/0 ds /fde dzdz'h(s,z, 25y — [(x —2) — (x' = Z)])

X w(t—s,x—z,x/—z;y)f(y—[(x—z)—(x/_zl)])-
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This operation is associative (see Lemma B.1 in [8])
(h>w)>v)(t,x,x"5y) = (h> (w>v)(r, x, x5 y).

We use the convention that for functions / defined on Ry x R?“, when applying
the operation [> to &, it is meant for 2/ (¢, x, x’; y) := h(z, x, x').
Fort>0and x,x’,y € R4, define recursively

G(t,x)G(t,x') ifn=0,

En ta 9 /; =
(o) [(£0>£n—1)(l,x,X’;y) forn > 1.

For A € R, Lemma 2.7 of [8] ensures that the following series is well defined:

oo
(A3) Ko(t,x, x5 y) =Y 22D L, (e, x, x5 y) < Lot x, x')H (t;20).
n=0
Then the upper bounds for the two-point correlation function in Theorem 2.4 of
[8] can be summarized as the following lemma.

LEMMA A.l. Suppose that g : R x R* > R is some measurable function
such that (Lo > |g|)(t,x,x";0) < oo for all t > 0 and x,x’ € Re. If for some
nonnegative function J, : Ry x R4 > R and 1 > 0, g satisfies the following
integral inequality:

t
g(t,x,x") < Ji(t, x,x") +A2/() ds /A;Mg(s, Vi, y2)

(A4)
X fy1—y2)G(t —s5,x —y)G(t —s,x" = y2)dy1 dys,
then
(A.5) g(t,x,x") < Ju(t, x,x") + (Ks > L) (2, x, x5 0).
In particular,
t
gt x,x") < J*(t,x,x/)+H(t;2k2)f ds[ Ji(s, y1, y2)
(A 6) 0 R2d

x Gt —s,x=y)G(t—s5,x" = y2) f(y1 — y2) dy1 dys.
If inequality (A.4) is an equality, then (A.S) is also an equality.
PROOF. This lemma is proved using Picard iteration. We first prove the case

when the inequality (A.4) is an equality. Notice that (A.4) (with inequality replaced
by equality) can be written as

g(t,x,x") = Ju(t, x, x") + 22 (Lo > 2)(t, x,x";0).
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Let
gn (ta X, x/)
(A7) I PAGERY ifn=0,
|k x, x) 22 (Lo > gao1)(t, x, X5 0) forn > 1.
Then by the associativity of the operator >, we see that

n—1
gn(t,x,x") = Ju(t, x,x") + Zkz(k'“)(ﬁk > Jo)(t, x, x5 0).
k=0

Therefore,

g(t,x,x) :nli)ngogn(t,x,x/)

o0
= J(t,x,x") + Zkz(k'“)(ﬁk > Jo)(t, x, x5 0)
k=0

= Ji(t, %, X') + (K. > J)(1, x, x5 0)
< Ju(t,x, x")+ H(t; 222) (Lo > Ji)(t, x, x5 0),

where the last step is due to (A.3). This proves the equality case.

We proceed to prove the inequality case. Let g, (z, x, x") be the solution to (A.4)
with the inequality replaced by equality. Since g satisfies the inequality (A.4), by
denoting F(z,x,x’) := g(t,x,x") — g«(t, x, x’), we need only show that F < 0.
Notice that

F(t,x,x') <A*(Lo > F)(t, x,x;0).

Apply the asymmetric convolution with respect to 2L on the both sides of the
above inequality to see that

A2 (Lo > F)(t,x,x";0) <ALy > F)(t, x, x5 0),

where we have used the associativity of I> (see Lemma B.1 in [8]). Combining the
above two inequalities, we see that

F(t,x,x") < AL > F)(t,x,x;0).
In this way, one can show by induction that
F(t,x,x") <28 DL > Fy(r,x,x';0)  forallk e N,
Now we are going to send k to +00. Because (see Lemma 2.7 of [8])
0<Li(t,x,x"5y) < Zkhk(t)ﬁo(t, x,x'),
forall# > 0, x,x’, y € R? and k € N, we see that

(A8) W (Li> F)(t,x, x5 0)] < (222 hi (1) (Lo > | FI) (¢, x. x'; 0).
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By the integrability of g, (Lo > |F|)(¢, x,x’;0) < co. Lemma 2.1 implies that

H(t;2)%) = Y220 (2A%)*hi (t) < oo. Hence, the right-hand side of (A.8) goes to
zero as k — o0o. Therefore, F (¢, x, x") <0, which completes the proof. [

APPENDIX B: SOME TECHNICAL LEMMAS

In this section, we list some technical lemmas that are used in the paper.

LEMMA B.1. If g(t) is a monotone function over [0, T], then for all 8 > 0
andt € (0,T],

/Ot gt —ys) exp(—M) ds

= [ewexp( -2 ) oy

t
2 / g(s)ef’s (1=5) 4g if g is nondecreasing,
0

(B.1)

(B.2)

A

t
2/ g(s)e_ﬁs ds if g is nonincreasing.
0

PROOF. Equality (B.1) is clear by change of variables. We first assume that
g(¢) is nondecreasing in [0, T']. Denote the integral by I. Then

/2 _ _
1= /t g(s) exp( 72'&0 s)) ds + g(s) exp( 72/%0 s)) ds
0 12 t

1)2 ‘
< fo g(s) exp(—ps) ds + f 8O ep(=B( =) ds

t t
< /t/zg(t —s)exp(—pB(@ —s))ds + /t/zg(s) exp(—pB(t —s))ds

<2 ;2g<s) exp(—B(t — 5))ds

t
< 2/0 g(s)exp(—pB(@ —s))ds.

If g is nonincreasing in [0, T'], we simply replace the above g(s) by g(¢ —s) thanks
to (B.1). This proves Lemma B.1. [J

LEMMA B.2. Let R? be defined in (6.4). If f satisfies (1.4) with a = 1, then
there exists a constant C > 0 such that for all0 <s,e <t and x € R,

J[L, avidyaf o= (R = 5.9 5 Gle))x = )

X (RE(t —s,)xG(e,-))(x —y2) <C.
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PROOF. Denote the integral by /. Using the Fourier transform we have

_2(=s) = Y)” (t S) n+m)e
IS/Rde 2(5) Z( _( )|$|2f(ds)

n! m!
n,m=1
00 m—4n
_20=s) t—s 1
<Ce = Z( > S
3 n'm!
n,m=1

Letting n 4+ m = k and using the fact that

=~

-1

1 k
gnv(k—n)v a2

we see that the above double sum is equal to

oo k—1 2ies)

ZZC_S) nv(k—n)v—z(t_s)kzk see L

k=in=1" ¢ €

which proves Lemma B.2. [J

LEMMA B.3. There exists a finite constant C > 0 such that

172
(B.3) /R (R (2) = Gl dy <V CG)
and
(B.4) /Rd|G(t+8,x)—G(t,x)|dx5C10g(1+§>,

foralle >0andt > 0.

PROOF. Because I%G(t,x)l < Ct~'G(2t,x), we see that for any ¢ and ¢’
suchthat 0 <t < ¢/,

v 9
/ |G(1',x) — G(t,x)|dx 5/ dx/ ds|—
R R Jr ds

t/
SC/ dx/ dssflG(Zs,x)
R4 t

<Clog(t'/1).

G(s,x)

The rest of the proof will follow exactly the same lines as those in the proof of
Lemma 8.2 in [7] and we will not repeat here. [

LEMMA B.4. The function g(t, x) := f(; (2ms)~4/2 exp(—%)ds,for t, x>0,
satisfies the following properties:
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(1) x+— g(t, x) is strictly decreasing functions on x € (0, 00).

(2) If d =1, then g(t, x) does not blow up at x =0 and g(t,x) < g(¢,0) =
2t/ Ifd > 2, then g(t, x) blows up at x = 0.

3) Ifd=1,2,thenforall® >0andt > 0,

(B.5) /Rd g(t,1x])? dx < oo.
@) Ifd >3, then forall0 <6 < ﬁ andt > 0, (B.5) holds.

PROOF. (1) Itis clear x +— g(¢, x) is nonincreasing on (0, co0) because

9 f 2

—g(t,x)=— f (2ns)“’/2fexp(—x—

ax 0 s 2s

(2) If d =1, then by (1), we see that g(¢, x) < g(¢,0) = /2t /7. By change of
variables 7 = x?2 /(2s),

)ds<0 for x > 0.

o0

1 _ _, d_
(B.6) glt,x) = 27.[d/2x2 dﬁz e iz272dz.

2
If d = 2, then the integral in (B.6) blows up as x — 0. When d > 3,

1 a [, d_ I'd/2—-1) ,_
(B.7) g(t,x) < zﬂd/zxz dfo e 72 2dz:Wx2 d

which blows up as x — 0.
(3) Ifd=1,forallt >0and x >0,

(t, x) _ﬁ/t 1d 2 _3_2
,x) < e —ds=—e 7,
8 I o 5T Iw

which shows (B.5) ford = 1. If d =2, then

1 o0
gt,x)= —/ ez 1dz.

2 Jx2/n
Then by I’Hopital’s rule,
2
e
ST () N S e Y |
x—04 log(1/x) 2mx—0. —1/x T

Hence, this case is proved by noting that for x > 1,

=5 [2 e s g (X2>_%/oo g @ 8
X)) =—o e — (= e < e,
8 o Jg ¢ T ) J2 ¢ T T

2t

(4) For d > 3, note that there is a constant C; > 0 which only depends on d
such that 2%7267Z < Cdefg for all z > 0. Then for x > 1,

00 00 Cy 2

I 54 —z, 42 Ca _z -
g(tax)zznd/zx /:Ef e “72 dZEW/}; e deSHd/ze 4
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this shows that for any 6 > 0,

(B.8) /| ~ 2(t, 1x))! dx < oo.

The restriction that 6 < dde comes from the integrability on |x| < 1, which is clear

from the upper bound of g(¢, x) in (B.7). U

LEMMA B.5. Recall the function g(t, x) is defined in Lemma B.4. Let { €
C.(R? be an arbitrary mollifier such that [ga Y (x)dx = 1. Denote Y.(x) =
e~y (x/e). For each fixed t > 0, suppose that h : R — R, is a nonnegative
and measurable function such that

/]Rd h(x)g(2t, |x])dx < oo.

Then the following statements hold:

(1) Forany n > 0, there exists ¢ € Co(R?) such that

sup | ge(t, Ix)|h(x) — p(x)|dx <1,
ee(0,vn) 'R

where g¢(t, |x]) = [ga g(t, [y ¥e(x — y)dy.
(2) By denoting he(x) = (h x {¥¢)(x), we have that

g%/Rd g(t, |x|)|h(x) — he(x)] dx =0.

PROOF. Without loss of generality, we may assume that r = 1.
(1) Fix n > 0. It is clear that for some constant C > 0, we have

v (x) <CG(,x)  forall x e RY.

Hence, ¢ (x) < C G (2, x), which implies that
1
gl )= [ a6 x—y) [ &Gy
R 0
1
(B.9) = c/ dsG(s + &%, x)
0

14¢2
=c [, a6, =Cgl2Ix)),
&

where the last inequality is due to the definition of g(¢, x) and ¢ € (0, 1). Since &
is nonnegative, it is known that one can find a monotone nondecreasing sequence
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{s} of simple functions such that s;(x) 1 h(x) pointwise; see, for example, Theo-
rem 1.44 in [1]. Hence, by the dominated convergence theorem,

sup ge (1, 1x])|A(x) — s (x)|dx
ee(0,1) /R4

< C/Rdg(Z, Ix])|h(x) —s5j(x)]dx = 0

as j — o0. Therefore, for some s € {s;},

sup | ge(1, [x])|h(x) —s(x)|dx <n/2.
£e(0,1) /R4

Now we choose and fix ¢ > 1 such that

(B.10) C(g,d,q):= '/Rdg(t, Ix])? dx < oo.

This is possible thanks to Lemma B.4: ¢ > 1 can be any number for d = 1, 2 and
q € (1, ﬁ) for d > 3. Since s is a simple function with bounded support, by

Lusin’s theorem (see, e.g., Theorem 1.42 (f) in [1]) there exists ¢ € C.(R?) such
that

|¢(X)| = ”S”LOO(]Rd) for all x GRd
and
Vol({x € RY : ¢(x) # 5(x)}) < n” (4C s ]| oo ey C (g, d, ) 19) 77,
where 1/p 4+ 1/g =1 and C is as in (B.9). Thus, using (B.9),

sup ge (1, 1x])]s(x) — @ (x)| dx
ee(0,1) JRY

< [ eDlsco) — g0 d

< 2C|Isl oo (re) f]Rd iy eRd ()5} & (25 1X) dx

1

1 1
P q
< 2C||S”L°°(Rd) (\/Rd :ﬂ'{xeRd:(ﬁ(x);ﬁS(x)} dX) (\/]Rd g(z, |x|)6] d_)C)

=

ORI

(2) For any n > 0, we can write

[ me) = neolg 1, 1) e

[ v = D) = 10y (1. 1+]) dx

_]Rd
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=A;d
[,

+/Rd /Rd Ws(x—y)[¢(X)—h(x)]dy‘g(1’|x|)dx

=1+ 5L+ 1.

[, v =l - ¢<y>]dy‘g(1, ) dx

[, e =980 = )] (1. 1) d

For I, choose ¢ € C.(R%) according to (1), such that /; < % From the proof
of (1), it is obvious that with the same choice of ¢, I3 < % For I, since i is
compactly supported, we may choose g9 > 0 such that whenever 0 < ¢ < gg, we
have I, < g because of the uniform continuity of ¢p. [
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