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Abstract. We consider the stochastic heat equation with a multiplicative white noise forcing term under standard “intermitency
conditions.” The main finding of this paper is that, under mild regularity hypotheses, the a.s.-boundedness of the solution x
u(t, x) can be characterized generically by the decay rate, at +00, of the initial function ug. More specifically, we prove that there
are 3 generic boundedness regimes, depending on the numerical value of A :=lim|y | oo |logug(x)|/(log |x |)2/ 3

Résumé. Nous nous intéressons a I’équation de la chaleur stochastique avec un bruit blanc multiplicatif sous des «condi-
tions d’intermittence» standard. Le résultat principal de cet article est que, sous des hypotheses de régularité raisonnables,
le caractere presque strement borné de la solution x — u(z, x) est entierement déterminé par la vitesse de décroissance en
Foo de la condition initiale ug. Plus précisément, nous démontrons qu’il existe trois régimes distincts selon la valeur de
A :=1imy| o0 | logug ()| /(log |x)?/3.

MSC: Primary 60H15; secondary 35R60

Keywords: The stochastic heat equation

1. Introduction

It has been recently shown [3] that a large family of parabolic stochastic PDEs are chaotic in the sense that small
changes in their initial value can lead to drastic changes in the global structure of the solution. In this paper we
describe some of the quantitative aspects of the nature of that chaos.

Consider the solution u = {u(z, x)};~0 xer of the stochastic initial-value plroblem2
[u(t,x) =2u"(t,x) + o (u(t,x)E(t, x), [t>0,x€eR], (L
subject to u (0, x) = ug(x), [x e R], ’

where £ denotes space—time white noise; that is, a centered Gaussian random field with covariance functional

Cov[é(t,x), E(s, y)] =8p(s —1)do(x —y) [s,>0,x,yeR].

1Supported in part by grants from the Swiss Federal Fellowship Program (P2ELP2_151796, L.C.) and the United States’ National Science Foun-
dation (DMS-1307470, D.K.; 0932078000, K.K. through The Mathematical Sciences Research Institute at UC Berkeley).
2 As usual, (7, x) == du(t, x)/0t and u” (¢, x) := 92u(t, x)/dt dx.
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Alternatively, we can construct £ as £(t, x) = 83!,B(t, x), in the sense of distributions, where B := {B(t,x)} is a
mean-zero continuous Gaussian process with covariance

Cov[B(t,x), B(s, y)] =min(s, t) X min(|x|, |y|) X 1(0,00) (Xy),

for all s, > 0 and x, y € R. The random field B is sometimes referred to as space—time Brownian sheet.
Some of the commonly-used assumptions on the initial value u#( and the nonlinearity ¢ are that:

(a) ug € L*(R) is non random; ug(x) > 0 for almost all x € R; and up > 0 on a set of positive Lebesgue measure;
and
(b) o :R — Ris Lipschitz continuous and nonrandom.

These conditions will be in place from now on. Under these conditions, it is well known [4,9,13] that (1.1) admits a
continuous predictable solution u that is uniquely defined via the a priori condition,

sup supE(|u(t,x)|k) <oo forall T >0andk > 2.
t€l[0,T]xeR

Throughout, we will suppose, in addition, that the nonlinearity o satisfies

c(0)=0 and L,:= in}fR|o(w)/w|>0. (1.2)
we

The first condition in (1.2) implies that there exists a P-null set off which
u(t,x) >0 forallt >0andx eR;

see Mueller [10,11]. And the condition on the positivity of L, is an “intermittency condition,” and implies among
other things that the moments of u(, x) grow exponentially with time [6]. The intermittency condition arose earlier
in the work of Shiga [12] on interacting infinite systems of Ito-type diffusion processes.

Together, the two conditions in (1.2) suffice to ensure that the solution u to (1.1) is “chaotic” in the sense that its
global behavior, at all times, depends strongly on its initial state #o. To be more concrete, we know for example that
if infyer #o(x) > ¢ for a constant ¢ > 0, then (1.2) implies that

P{supu(t,x) = oo} =1 forallt>0;
xeR

see [3]. And by contrast, sup, g #(f, x) < oo a.s. for all # > 0 for example when ug is Lipschitz continuous with
compact support; see [7]. Based on these results, one can imagine that if and when ug(x) — 0 as |x| — oo, then
sup, g #(t, x) can be finite or infinite for some or even all ¢, depending on the nature of the decay of u( at +-0c. The
goal of this article is to describe precisely the amount of decay ug needs in order to ensure that u(z, -) is a bounded
function almost surely. Because we are interested in almost-sure finiteness of the global maximum of the solution, this
undertaking is different in style, as well as in methodology, from results that describe stochastic PDEs for which the
spatial maximum of the solution is in Lk (P) for some 1 <k < o0 [5,7].

We will make additional simplifying assumptions on the function uq in order to make our derivations as non-
technical as possible, yet good enough to describe the new phenomenon that we plan to present. In view of this, we
will assume throughout that

lim uo(z) =0, uo(x) =uo(—x), and uo(x)=uo(y) ifO0=<x=y. (1.3)
>0
Finally, we assume that the following limit exists:

e | log uo(x)|

= R 1.4
xIabo (log [x )23 (149

The existence of this limit is a mild condition, since A can be any number in the closed interval [0, oo].
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Throughout, define

M(t) :=supu(t,x) [t>0].

xeR
The following trichotomy is the main finding of this paper.
Theorem 1.1. Suppose that o : R — R is a Lipschitz continuous function that satisfies (1.2). Suppose also that

ug € L*(R) is nonrandom and satisfies (1.3), and that the Lebesgue measure of uy 1(0, o0) is positive. Finally,
suppose that the limit in (1.4) exists in [0, 00]. Then, the following statements hold:

1. If A =00, then P{M (t) < oo forallt > 0} =1,

2. If A =0, then P{M(t) = o0 forall t >0} =1;>

3. If 0 < A < o0, then there exists a random variable T and two nonrandom constants ty, t; € (0, 00) such that:
1)t <T <t as.; and (ii)

P{M(t) <ooVt <T and M(t) =00 ¥t >T}=1.
From now on we find it more convenient to write the solution to (1.1), using more standard probability notation, as
u;(x) :=u(t,x) forallt>0andx eR.

In particular, u#, does not refer to the time derivative of u.
We also denote the Lipschitz constant of o by

o(x)—o(y)
x—y |

Lip, := sup

—00<XFY <00

2. Tail probabilities via insensitivity analysis

One of the first problems that we need to address is itself related to matters of chaos, and more specifically to the
problem of how sensitive the solution of (1.1) is to “small” changes in the initial function. A suitable solution to this
sensitivity problem has a number of interesting consequences. In the present context, we will use sensitivity analysis
to derive sharp estimates for the tail of the distribution of the solution u,(x) to (1.1).

We will have to interpret our sensitivity problem in a rather specific way, which we would like to describe in terms
of an adversarial game between a player (Player 1) and Mother Nature (Player 2).

In this game, both players know the values of the external noise £. Player 2 knows also the initial function u, and
hence the solution u, (x) at all space—time points (¢, x). Player 1, on the other hand, knows the values of uo(x) only
for x in some pre-determined interval [a —r, a 4 r]. Player 1 guesses that the initial function is vy, in some fashion or
another, where vg(x) = ug(x) forallx € [a —r,a +r].

Let v;(x) denote the solution to (1.1) with initial values vgp; the function v is Player 1’s guess for the solution
to (1.1). The following shows that if < r, then the solution appears essentially the same to both Players 1 and 2 near
the middle portion of the spatial interval [a — r, a + r]. Consequently, it follows that the values of the solution to (1.1)
in the middle portion of [a — r, a + r] are insensitive to basically all possible changes to the initial value outside of
la—r,a+r].

Theorem 2.1. Choose and fix two parameters a € R and r > 0. Let u and v denote the solutions to (1.1) with
respective initial values uy and vy, where ug, vg € L (R) are nonrandom and uy(x) = vo(x) a.e.on [a —r,a +r].
Then, for all t > 0,

2 - 4
2 r Lip_ t
sup  E(Jus (x) — v, ()] )scz||uo—vo||%m<R)exp<——+ o ) @1
[ —al<r/4 16 4

30f course, t = 0 is different from ¢ > 0 since M (0) < oo in all cases.
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where £ := 1 + Lip} and C :=96[1 v Lip,*].

It might help to emphasize that r < r if and only if the exponential on the right-hand side of (2.1) is a small quantity.
The proof of Theorem 2.1 relies on two technical lemmas. The first lemma is an elementary fact about the linear
1-dimensional heat equation. Define for every ¢t > 0 and x € R,

L x?
pr(x) = mexp(— 2t>'

Lemma 2.2. Suppose h € L*°(R) is a nonrandom function that is equal to zero a.e. in an interval [a —r, a +r]. Then,
forallt >0,

_ 2
sup  [(pr # W))| < 201A ooy e/,

x:|x—al<r/2

Proof. By Minkowski’s inequality,
o] < Ml [ pr(w) duw,
lw+x—al|>r
If lw+x —a|l>r and |x — a| <r/2, then certainly |w| > r/2. The lemma follows from the simple bound,

jiw\>r/2pt(w)dw Szexp{_rz/(gt)}- |

The statement of the second lemma requires the introduction of some notation. Let “®” denote space—time convo-
lution. That is, for all measurable space—time functions f and g,

t o
(f ©&h(x) ::/0 dS/ dyfi—s(x — y)gs(¥),

pointwise, whenever the (Lebesgue) integral is absolutely convergent. For every o > 0, consider the space—time kernel
K@ defined as

2 1 4
lCt(a)(x) = %pt/Z(X)[ﬁ +a? exp(%)@(oﬂ@)}, 2.2)

for all # > 0 and x € R, where ®(x) := (27)~ /2 ffoo exp(— y2/2)dy denotes the cumulative distribution function of
a standard normal law on the line. The following is the second technical lemma of this section.

Lemma 2.3. Choose and fix a deterministic function f € L (R), and define a space—time function J via J;(x) :=
(pr x f)(x) forall t > 0 and x € R. Suppose (t, x) — F;(x) is a measurable space—time function that is bounded in
x and grows at most exponentially in t, and satisfies

F<J*+da*(Fop?), 2.3)
pointwise for a fixed constant o > 0. Then,
F<J*+(J*0K®) pointwise. (2.4)

Proof (sketch). This is basically the first part of equation (2.21) of Chen and Dalang [2], but is stated here in slightly
more general terms. Therefore, we skip the details and merely point out how one can relate Lemma 2.3 to the work of
Chen and Dalang [2], deferring the details to the latter reference.

In order to see how one can deduce this lemma from the arguments of Chen and Dalang, let us consider the
stochastic heat equation (1.1) with a nonrandom initial value f, and let U denote the solution. We can write the
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solution in integral form as follows:

U (0) = T (x) + / Pr—s(y — )0 (Us ()& (ds dy).
0, xR

Elementary properties of the stochastic integral imply that
2 2 ! o0 2 2
E(Ui@[) =7+ | ds | dy[pis(y = 0] E(o (U:0)])
—00
2 .2 ! o 2 2
<720 +Lind [ a5 [~ afpeo -0 E(Uo)]).
—00

That is, in the special case that F;(x) = E(|U; x)]?) satisﬁps (2.3) with & = Lip,,. In this special case, Theorem 2.4
of Chen and Dalang [2] implies (2.4), and our function K (MPs) coincides with their function K. For general F and «,
the very same proof works equally well. O

Proof of Theorem 2.1. The proof begins by writing # and v in integral form as follows:

ur(x) = (pr * ) (x) + / Pr—s(y = )0 (s ())& (ds dy),

(0,/)xR

v (x) = (pr * v0) (x) +/ pi—s(y —x)o (v (y))&(ds dy).
0,r)xR

Define
() == |ug(x) —vo(x)| forallx eR,

and set J;(x) := (py * f)(x) for all t > 0 and x € R. Then clearly,
t o0
Ellu ) = u ) =[G + [ a5 [~ dlper = 0B (0) —o (1))

< |Z 0] + Lip} /0 s / C:dy[pts(y — O E(|us ) = v 0[).
In other words, the space—time function,
Fi(x) :=E(jur(x) —v,0)|?) [t >0,x R,
satisfies (2.3) with o = Lip,;. Therefore, (2.4) implies that
F<J>+ (j2 o K(Lipd)) pointwise. (2.5)

An inspection of the function X MPs) — see (2.2) — shows that

i 1 Lip ¢
ic,‘LP“)mszp,/z<x>[$+exp< Z )}

for all + > 0 and x € R. Consequently,

| , 1 Lip,
(720 KLP)) (x) < Efo (T2 * ps/z)(x)[x + exp( II; S)] ds.
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Set B := [lug — voll Lo(r), and observe that || J;—s|| L r) < B. According to Lemma 2.2,

r? —r2/(81)
sup  Jr—s(y) <2Bexp| — <2Be . (2.6)
|ly—al<r/2 S(t —)

Consequently, one can split up the ensuing integral into regions where |y — a| < r/2 and where |y —a| > r/2 in order
to see that

2
(T2 * psj2)(x) <4Be™" /40 4 32/ ps/2(y)dy
|y+x—al>r/2

2
§4BZe—r /(4t) +BZ/ p&‘/z(y) dy,
[yI>r/4

uniformly for all |x —a| <r/4 and 0 < s < ¢. This and a simple tail bound together yield

sup (zas « ps/z)(X) S4Bze—r2/(4z) +2326—r2/(165) < 6BZe—r2/(16t)’

[x—a|<r/4
for all 0 < s < t. Thus, it follows that, uniformly for all # > 0 and all x that satisfy |x — a| <r/4,

. t 1 Li 4
(JZQIC(L“’“’)t(x)5623%—”/“6”./0 [$+exp< la”s>]ds

. 4
< 60 B2e—">/160) . [2ﬁ+ .44 exp(Llpgt>]
Lip

o

2 4 .4
r Lip, ¢ Lip, s 4
<6¢B%exp( —— + —2 )-su |:2 s eX <— g >+
p( 6 4 )P Vsexp| == Lip?

’

1 r?2  Lip*t
<48¢|1v —- |B? - o
= [ Lip4i| exP( Tor T4 )

o

consult also (2.5). Combine this estimate with (2.6) and (2.5) to finish. O
The two technical Lemmas 2.2 and 2.3 yield the following tail probability bounds.

Theorem 2.4. There exist universal constants 0 < K, L < 0o such that for all ¢ > 0,

LA3/2 logP KA3/2
= < liminf < limsup 08P >

log P{u;(x) > ¢} -
\/; [x[—00 IOg x| |x]—00 lOg x| N \/; ’

uniformly for all t in every fixed compact subset of (0, 00).

This theorem is proved in two parts. In the first part of the proof, the claimed lower bound on liminf|y| o (- -+) is
derived. The corresponding upper bound on limsup,,|_, o (- - ) is established afterward in a second part.

Proof of Theorem 2.4: Part 1. Let u ;0) (x) :=up(x) and iteratively define

0D (x) = (py % o)) + /(

0,1)x

s (v —x)o (1l (y))&ds dy),

foralln >0, t > 0, and x € R. It is well known that u,S")(x) — u;(x) in L2(P) as n — oo, for every t > 0and x € R;
see Walsh [13]. Since 4@ and p: * ug are symmetric functions, the distributional symmetry of white noise shows that
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{ut("H)(x)}XER and {u,("H) (—x)}xer have the same law for all » > 0. Let n — o0 in order to deduce, in particular,
that the random variables u,(x) and u,(—x) have the same distribution for each ¢t > 0 and x € R.

In light of the preceding symmetry property, in order to derive the stated lower bound for P{u;(x) > ¢}, it remains
to prove that if A < oo, then

logP LA3/?
liminf 08P ) >} .

2.7
XxX—>00 logx - \/; 27)

The assertion holds trivially when A = co. Let us consider now the case that A < oo.
Choose and fix an arbitrary number a > 0, and define w = {w;(x)};>0.xer to be the solution to (1.1) with the
following respective initial value:

wo(x) :=uo(lx| v (3a/2)) forallx € R.

The construction of the process w does not present any problems because wy is a nonrandom elements of L*°(R); in
fact, 0 < wo < ug. These inequalities have the additional consequence that

ws(x) <wus(x) forallr >0andx e R, (2.8)

thanks to Mueller’s comparison principle [10,11]. Therefore, it remains to find a lower bound for the tails of the
distribution of w; (x).
Define

z0(x) :=up(Ba/2) forallx e R,

and let z := {z;(x)};~0,xer denote the solution to (1.1) with initial value zo. By the comparison principle, w;(x) <
z¢(x) for all + > 0 and x € R. We now use our susceptibilty estimate (Theorem 2.1) in order to prove that there is a
similar lower bound near the point x = a, provided that we introduce a small error. Specifically, we apply Theorem 2.1
with r := a/2 in order to see that

2 -4
2 a Lip, ¢
sup  B(Jwi(x) — 2 ()] )scz||wo—zo||%oo(R)exp(——+ - )
x€[7a/8,9a/8] 64t 4
2 - 4
2 a Lip_ t
< Cllluollz oo exp(—@ + 46 ) (2.9

Since z solves (1.1) with constant initial function zo(-) = uo(3a/2), Theorems 5.5 [page 44] and 6.4 [page 57] of Ref.
[9] tell us that there exists a finite universal constant A > 2 such that

A FuoBa/2)] et A <E(|z0)|) < A¥[uoBa/2)] e, (2.10)

simultaneously for all x € R, # > 0, and k € [2, 00). Actually, the results of [9] imply the lower bound for E(|z, x)|%)
only in the case that o (z) = const -z for all z € R. The general case follows from that fact and the moment comparison
theorem of Joseph, Khoshnevisan and Mueller [8].

In any case, we apply the Paley—Zygmund inequality, as in Ref. [9, Chapter 7], in order to see that

1 1
P{z,u) > EA—luo(Sa/z)e“’/A} > P{ztm >3 ||zt(x)||Lk(P>}

[E(|z; (x)[©)1?

1
4 E(z(x)[%*)
1

2
> A_4kexp —184 — = Kt ,
4 A

v
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uniformly for all real number x € R, k > 2, and ¢ > 0. Since A > 0, it follows that 84 — (2/A) < 8A, and hence
[ K2t/A 1 3
P{z:(x) > EA uo(3a/2)e > 3 exp{—8Ak’t — 4klog A},

uniformly for all real number x € R, k > 2, and ¢ > 0. Choose and fix an arbitrary number ¢ > 0. We apply the

preceding with
4A¢
*\uoGas2)

A
k::\/— lo
t

equivalently, %A‘lu0(3a/2)ek2’/‘4 = 2¢. Since ug(3a/2) — 0 as a — oo, it follows readily that k > 2 if a is suffi-
ciently large; how large depends only on A. Hence,

)

L +o(1)
it

for all a large, where o(1) - O asa — oo and L := 8A3/%2 + A2 Becuse A is a universal constant, so is L.
The preceding estimate, (2.8), and (2.9) together imply that, as a — oo,

inllfRP{z,(x) > 28} > exp<— |log uo(3a/2)|3/2>,

Plu,(x) > e} = P{lw, (x) > ¢}
> P{z;(x) = 2¢} — P{|wi (x) — 2, (x)| = &}

L +o(l
> exp(—%() |10guo(3a/2)|3/2) — A @4, 2.11)

uniformly for all x € [7a/8,9a/8], where A; < oo does not depend on a. The condition A < oo implies that
a2 log uo(3a/2)|>/* — 0 as a — oo. Therefore, (2.11) implies (2.7) and hence the theorem. O

Proof of Theorem 2.4: Part 2. In analogy with the proof of Part 1, it suffices to establish the following: If A > 0,
then

, log P{u; (x) > &} KA3?
lim sup < - .
x—00 logx NG

This is true vacuously when A = 0. From here on we assume that A > 0.
Choose and fix an arbitrary number a > 0, and define w = {w; (x)};~0,xcRr to be the solution to (1.1) subject to the
following initial value:

wo(x) := uo(lxl A (a/2)) for all x € R.

The process w is the present analogue of its counterpart — also dubbed as w — in Part 1 of the proof. As was the case
in Part 1, one can construct w in a standard way because wy is a nonrandom elements of L°(R) [0 < ug < wp].
Furthermore,

we(x) >u;(x) forallt >0andx € R, 2.12)
thanks to Mueller’s comparison principle [10,11]. Compare with (2.8). Therefore, it remains to find an upper bound
for the tails of the distribution of w; (x).

Define

z0(x) :=up(a/2) forall x € R,
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and let z := {z;(x)};~0.xer denote the solution to (1.1) with initial value zo. By the comparison principle, w;(x) >
Z¢(x) for all + > 0 and x € R. And now use our susceptibilty estimate [Theorem 2.1] in analogy with the proof of
Part 1 of the theorem in order to see that

2 -4
2 a Lip_ ¢
E(Jwi(x) = 2:(0)[") < Cllluol o) eXp(——64t + —Z“ ) (2.13)

uniformly for all x € [7a/8, 9a/8]; compare with (2.9). Now we relabel (2.10) [a/2 <> 3a/2] to see that, for the same
constant A that appeared in (2.10),

k k AR3
E(|z:(x)[") < [Auo(a/2)] ekt
simultaneously for all x € R, # > 0, and k € [2, 00). Chebyshev’s inequality yields

2Aug(a/2)e k! ]"

Plz;(x) > ¢/2} 5222[ .

2 e 3/2
= 2 log[ ————
e"p( 3«/_3At|:0g<214u0(a/2)):| )

uniformly for every real number x, and for all a > 0 sufficiently large to ensure that the argument of the logarithm is
greater than one. This, (2.12), and (2.13) together imply that

Plus(x) = e} <P{wr(x) = e} <Pz, (x) = &/2} +P{[w, (x) — z ()| = £/2}

2 e 3/2 2
<exp| — lo + Aje=@/04)
p( 3«/_3At|: g<2Auo(a/2)>] ) ‘

uniformly for all x € [7a/8,9a/8], where A; is a finite constant that does not depend on a. Part 2 can be deduced
easily from this estimate. (]

3. Proof of Theorem 1.1

We will soon see that, in order to prove Theorem 1.1 it suffices to consider separately the cases that A > 0 and A < oo.
There is, of course, some overlap between the two cases. The two portions require different ideas; let us begin with
the case A > 0, since the proof is uncomplicated and can be carried out swiftly.

3.1. Part 1 of the proof

Throughout this part of the proof, we assume that
A >0,

keeping in mind that A = oo is permissible, as a particular case.
Choose and fix a [finite] number

L€ (0,A),
and introduce two new parameters t and 7 as follows:

K2)\3
64 °

where K is the universal constant that appeared in the statement of Theorem 2.4. We plan to prove that

O<t<T:=

lim sup u;(x)=0 as. 3.1

X=>0te(r,T)
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Suppose, for the moment, that we have established (3.1). Thanks to symmetry, (3.1) also implies that
limy s oo SUPe(r.1y Ur (X) = 0 a.s. Because u is almost surely continuous [4,9,13] it follows that

P{sup 1 (x) < oo for all 7 € (z, T)} —1. 3.2)
xeR

If A = oo, then we can choose 7 as close as we like to 0 and T as close as we like to oo in order to deduce Part 1
of Theorem 1.1 from (3.2). Similarly, if A < oo, then we can deduce half of Part 3 of Theorem 1.1; specifically, we
can choose T arbitrarily close to K 2A3/64 to see that 1; := K2A3 /64 can serve as a candidate for the constant 7| of
Theorem 1.1, Part 3. We conclude this subsection by verifying (3.1).

Define

X, :=+/n forall integers n > 0,
and
iT
t(j,n):= Iz forall j € J(n;7,T) := [En} NZ.
n T
Theorem 2.4 ensures that for all ¢ > 0 and all sufficiently-large integers n > 1,

Pl omax wgmenzel= Y Plugatn) z e
Jjeln;t,T) .
Jjed(n;T,T)

)L3/2

K
< const - Z exp(——, log |xn|>
jeln;t,T) t(j,n)

3/2
< const-exp(—[if/f - 11| logn> =0(n7).

Therefore, the Borel-Cantelli lemma ensures that

lim  max un)(x,) =0 as. 3.3)
n—>o0 jeJ(n;7,T)

Choose and fix an arbitrary number ¢ € (0, }T), and define k := max(2, 3/p). A standard continuity estimate (see,
for example, Walsh [13, p. 319] and Chen and Dalang [1]) shows that

— k
Akorr =A== SUPE( sup M) < 00.

xeR  \s,te(r,T): ls — t|kQ
s#£t

Therefore, for all € > 0 and integers n > 1,
P{ sup  max_|ug(jm () — ur(xp)| 28} SP{ sup ug(xn) — 1y (x,)| 28}

te(r,T) J€Im;T.T) s,re(t,T):
[s—t|<T/n

- AT*
— gknke

= O(n_3) asn — oo.
Therefore, the Borel-Cantelli lemma and (3.3) together imply that

lim sup u;(x,)=0 as. 349

=00 te(1,T)
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Let us recall also the following standard continuity estimate:

k
u —ur(x
B := By o171 := supE( sup sup M) < 00;
te(t,T) x<y<x+1 |y — x|<ke

xeR
see, for example, Walsh [13, p. 319] and Chen and Dalang [1]. Since x,,+1 — x, < (2n)_1/2 as n — 00, it follows that
P{ sup  sup |u,(y)—u,(xn)|zg}gizo(n*) as n — 00.
te(t,T) Xn <Y<Xny1 ek(2n)ke

Thanks to the Borel-Cantelli lemma, the preceding and (3.4) together imply (3.1) and conclude this subsection.
3.2. Part 2 of the proof

We now consider the case that A < co. Throughout, we choose and fix three arbitrary numbers:
e>0; r>4L2A3; and T > t;
where L is the constant of Theorem 2.4. Our plan is to prove that

inf supu;(x) =00 as. 3.5)
te(t,T) xy~0

If A > 0, then (3.5) implies that, outside a single P-null set, sup, . #;(x) =ocoforallt >t := 4L2A3. Andif A =0,
then we choose 1 as close as we would like to zero in order to see that, outside one P-null set, sup, . #;(x) = oo for
all ¢ > 0. In other words, (3.5) furnishes proof of the remaining half of Theorem 1.1.

Before we prove (3.5), we need to recall a few facts about parabolic stochastic PDEs. Let

uE"’O)(x) = (p; *uo)(x) forallt>0,x eR, andn > 0.

Then iteratively define for each fixed n > 0,

W () = (pr # o) (x) + / Pims(y = )0 (1" ())& (ds dy).
(0,0)x[x—+/nt,x++/nt]

forall j >0, ¢ >0, and x € R. We recall the following result.

Lemma 3.1 (Lemma 4.3 of Conus, Khoshnevisan and Joseph [3]). There exists a finite constant A such that for
all integers n > 1 and real numbers t > 0,

A At—n
sup E(|us (x) — u"" (0)7) < Z—.
xeR n

Actually, Conus, Khoshnevisan and Joseph [3] present a slightly different formulation than the one that appears
above; see Ref. [9, Lemma 10.10] for this particular formulation, as well as proof.

Lemma 3.2 (Lemma 4.4 of Conus, Khoshnevisan and Joseph [3]). Choose and hold fixed an integer n > 1 and
real numbers t > 0 and x1, ..., xx € R that satisfy |x; — x| > 2032/t forall 1 <i # j <k. Then, {u§"‘”)(x,-)}’;:1

are independent.

Proof of Theorem 1.1: Part 2. Choose and fix some & > 0, and consider the events

Ei(x):={weQ:u(x)(w) <e} foreveryrs,x >0.
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According to Theorem 2.4, for every A € (A, t1/3(4L%)=1/3] we can find a real number n(X, €) > 1 such that
P(E/(x)) <1 —x DIV < -y 12, (3.6)
uniformly for all x > n(X, ¢) and ¢t € (t, T). Consider the events
E,(")(x) = {a) uln ")(x)(a)) < 28} forx e Randn > 1.
Lemma 3.1 ensures the existence of a finite constant ¢ = c¢(t, T, €) such that

sup P(Et(x) \ Et(")(x)) < sup P{|u,(x) — u,n n)(x)| > 8} <cn”2e7",
te(r,T) te(r,T)

for all integers n > 1. Therefore,
P( N Et(x)> <P<ﬂ E,(E)) <P<ﬂ E(”)(E)> +cn?e™, 3.7)
xe[nt,2n4] t=n4 t=n4
uniformly for all integers 7 > 1 and real numbers ¢ € (t, T). Let x1 := n* and define iteratively
Xjy1:=Xxj+ (2n3/2«/;—| forall j > 1.
Let
Yo :=max{j >1:x; 52}14},

and observe that

5/2 n5/2

uniformly for all ¢ € (r, T) and n sufficiently large. Moreover,

2n* Vn
P( N E}")(z)) < P(ﬂ E,(")(xj))
£

—n4 j=1

Vn
=l‘[ P(E™ (x;)) [Lemma 3.2]

IA

Vi
l_[ (E(x))) + cn’e "] [Lemma3.1]

IA

l ¥n
1— —+ cnze_”] ,
|: v 2n#
uniformly for all # € (z, T') and n sufficiently large, owing to (3.6). Since 1 —y < exp(—y) for all y € R, the preceding
yields

2n* n]/2
sup P(ﬂ E;’”(Z)) gexp(—m>,
¢

t<t<T
:n4
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for all sufficiently-large integers n > 1. Thanks to (3.8), the preceding and (3.7) together yield

1/2
n
sup P{ sup  us(x) <8} §2exp(——>, 3.9)
re(r.T) pd<y<ont AT'/2

for all integers n sufficiently large. Define 1 (0) :=t,and #(j) :=7t + j(T —t)/n forall 1 < j <n in order to deduce
from (3.9) that, for every sufficiently-large integer n,

P{ inf  sup ut(x)<8}

te(r’T)xeln“,Zn“]

SPE inf sup u,(j)(x)<2£}+P{ sup sup |ut(x)—us(x)|>£}

0=j=n \ c(n4 204 s.1€(r,T) xe[n,2n4]

O<t—s<l1/n
n]/z 2t -1
<2nexp ~17in + Z P sup sup |u,(x) —us(x)| > 8]. (3.10)
4r = Usren) xevwt
- O<t—s<l1/n

A standard modulus of continuity estimate (see, for example, Walsh [13, p. 319] and Chen and Dalang [1]) shows
that, for each fixed k > 1 and o € (0, %),

k _
supE( sup sup |u,(x)—us(x)| >§c0nst~n kQ,
veR s,te(tr,T) x€[v,v+1]

O<t—s<l1/n

for all n > 1. Let us apply this with o := % and k := 64. In this way, we may deduce from (3.10) and Chebyshev’s
inequality that

P{ inf supu;(x) < e] < lim P{ inf sup  us(x) < e} =0.

te(r.T) x>0 n—oo te(r’T)xE[n4,2n4]
Because ¢ > 0 is arbitrary, this proves (3.5). (I
3.3. Part 3 of the proof

We now finish the proof of Part 3. Throughout, (€2, F, P) denotes the underlying probability space, and we consider
only the case that 0 < A < oo.
For every integer N > 1 consider the stopping time,

Ty =inf{t >0: M(1) > N}.
Since Ty < Tn+1 forall N > 1, the random variable

T:= lim Ty

N—o0

exists. According to Parts 1 and 2 of the proof of Theorem 1.1,

O<t1<T <thh<oo as.,
where 1 and 1, are non random and depend only on A. In addition, if < 7 (w) for some w € 2, then there exists an
integer N (@) > 0 such that t < Ty, (w) < T (w). This implies that M (¢)(w) < N(w) < oo.

On the other hand, if t > 7 (w;) for some w; € €2, then there exists some Ni(w;) > 0 such that ¢t > 7, (w) for all

n > Ni(wp). It follows that M (¢)(w;) > n for all n > Nj(w1), whence M(t)(w;) = co. This completes the proof of
Part 3, and concludes the proof of Theorem 1.1.
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